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 A B S T R A C T

Can strategic information acquisition harm the provision of a public good? We investigate this 
question in an incentivized online experiment with a large sample of the German population. 
The marginal returns of the public good are uncertain: it is either socially efficient to contribute 
or not. In the information treatment, participants can choose between two information sources 
with opposite biases: one source is more likely to report low marginal returns, whereas the other 
is more likely to report high marginal returns. We find that information avoidance is a minor 
phenomenon. Most participants select the source biased towards reporting low marginal returns, 
independent of their prior beliefs. As a result, the information treatment reduces contributions 
and increases free-riding. We find that social preferences guide information acquisition: selfish 
participants are less likely to acquire information, and if they acquire information, they are 
more likely to select the source biased towards reporting high marginal returns.

. Introduction

With abundant information available, individuals have to select which sources of information are worthy of their attention. 
ut the media do not necessarily provide accurate information. Hence, individuals might strategically acquire information that 
onfirms their beliefs or aligns with their preferences. Although there is clear evidence of selective exposure in the empirical 
iterature (Del Vicario et al., 2016), its consequences depend on how the acquired information affects an individual’s actions. When 
he information affects an individual’s private actions and outcomes, her selective exposure can only affect her own well-being. 
nstead, when an individual engages in collective action, the information she acquires can affect the outcome of all individuals 
nvolved and, thus, social welfare. An important area of collective action where information is critical is the provision of public goods. 
he exact returns of investing in a public good are often uncertain, which can lead to the under-provision of the public good (Levati 
t al., 2009). At first sight, providing more information about the returns of investing in a public good could reduce uncertainty and 
itigate the problem of under-provision. However, when different information sources have opposite claims about the returns of 
he public good, individuals can strategically select the source that supports their selfish interests and use the information to justify 
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lower contributions. In this case, information provision can backfire and, contrary to expectations, further reduce investments in 
the public good.

In this paper, we study experimentally how strategic information acquisition affects voluntary contributions to public goods. 
We implement a one-shot Voluntary Contribution Mechanism (VCM) where the public good’s marginal per-capita return (MPCR) 
is uncertain. If the MPCR is high, providing the public good is socially efficient. In contrast, if the MPCR is low, it is socially 
inefficient. We employ two main treatments, and within each treatment, we vary the assigned prior beliefs about the MPCR. In 
the no info treatment, the participants make their contribution decisions based on their assigned prior beliefs. Instead, in the info
treatment, participants face two information sources with opposite biases: one supporting the provision of a public good, the other 
contrasting it. In particular, the high-biased source is more likely to report high MPCR but sometimes reveals that the MPCR is low 
with certainty. Instead, the low-biased source is more likely to report low MPCR but sometimes reveals that the MPCR is high with 
certainty. Participants decide whether to receive one unit of costless information about the MPCR and from which source.1 Then, 
the participants make their contribution decisions based on their updated beliefs. We provide participants with the correct Bayesian 
posterior beliefs depending on their information choices.

If participants behave rationally and do not exhibit any social preferences, the equilibrium contribution to the public good 
in this game is zero, independent of beliefs. In this case, a participant should be indifferent towards information as long as it 
is costless. Instead, if social preferences play a role, information matters. On the one hand, the direction of optimal information 
acquisition may depend on prior beliefs (Che and Mierendorff, 2019).2 On the other hand, participants might strategically avoid 
information that compels them to be more generous (Golman et al., 2017) and instead seek information that justifies more selfish 
behavior (Spiekermann and Weiss, 2016).

We conduct our experiment on the German Internet Panel (GIP). The GIP is a long-term online study based on a randomly 
drawn sample of the general population in Germany. The GIP reaches more than 4000 participants in each wave and covers a 
multitude of political and economic attitudes. Embedding our experiment in the GIP allows us to relate the participants’ behavior 
in our incentivized experiment to their self-reported field behavior in a public good context, i.e., their willingness to contribute to 
environmental protection.

Most participants in the info treatment (87%) choose to acquire information. Most (65%) of those acquiring information select 
the low-biased source. In contrast to the theoretical prediction (Che and Mierendorff, 2019), we find no statistically significant 
differences in the information acquisition decisions between prior beliefs about the MPCR. Selective exposure by the majority to the 
low-biased source causes beliefs to decline on average. Consequently, the info treatment significantly reduces average contributions, 
while the share of free-riders increases, compared to the no info treatment. The treatment effect on efficiency depends on the 
parameters and the measure of efficiency: under certain conditions, the info treatment significantly reduces efficiency compared 
to the no info treatment. Hence, our results show that the provision of information is not always beneficial in the public good 
context.

We collect self-reported motives for the contribution decision.3 Based on the elicited motives, we classify participants into 
different contribution types to investigate how social preferences – as measured by these contribution types – affect information 
acquisition.4 We focus on the comparison between participants whom we classify as being ‘‘selfish’’ based on their contribution 
motives and their contribution behavior compared to those who are more ‘‘socially-oriented’’. We find that, first, selfish participants 
are less likely to acquire information than more socially-oriented participants. Second, among participants who acquire information, 
selfish participants are more likely to acquire information from the high-biased source than those who are more socially-oriented. A 
potential explanation for the observed behavior is that participants seek information confirming with certainty that their individually 
preferred contribution level is socially desirable.5 A selfish participant prefers a low contribution and therefore seeks information 
revealing that the MPCR is low with certainty, which can be provided only by the high-biased source. In contrast, a more socially-
oriented participant prefers a high contribution and therefore seeks information revealing that the MPCR is high with certainty, 
which can be provided only by the low-biased source.

As a robustness check, we replace the endogenous contribution types from our experiment with indexes of actual contribution 
behavior in the context of environmental protection, which is a public good with uncertain marginal returns.6 We show that those 

1 By design, each participant can acquire at most one piece of information; the aim is to mimic limited attention.
2 A participant’s prior might determine her perception of the quality of the two information sources (Gentzkow and Shapiro, 2006). Thus, priors might guide 

her information acquisition choice (Che and Mierendorff, 2019). However, our results contrast with this prediction.
3 Supplementary Material S2 offers an overview of the experimental procedure, and contains the translated instructions and questions as well as screenshots 

of the original experiment in German.
4 In our experiment, the elicitation of contribution motives occurs only after information acquisition and the contribution decision. To address this endogeneity 

issue, we use additional data related to real-world public good contributions to environmental protection as a robustness check (see S.1.2.2 in Supplementary 
Material S1).

5 In this sense, acquiring information from the high-biased source can be interpreted as ‘‘looking for low-evidence’’ and acquiring information from the 
low-biased source can be interpreted as ‘‘looking for high-evidence’’ (cf. Che and Mierendorff, 2019). An alternative interpretation could be that, by selecting 
the low-biased source, participants aim to exploit moral wiggle room: If they receive the signal low, they can convince themselves that the true MPCR is low 
and thus justify not contributing. Some selfish participants may indeed choose the low-biased source for this purpose. However, our analysis of the information 
acquisition behavior of different contribution types suggests that this mechanism is less common.

6 See S.1.2.2. Table S1.3 shows that environmental contributions are correlated with the contributions to the public good in the experiment in the expected 
direction: Higher willingness to contribute to environmental protection is associated with a lower probability of contributing zero in the experiment, a higher 
probability of contributing the entire endowment, and higher average contributions for those who contribute 0 < 𝑔 < 10. In a previous version of the 
𝑖

2 
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participants who are more willing to contribute to environmental protection are also less likely to acquire information from the 
high-biased source. This result corroborates our experimental finding that social preferences guide strategic information acquisition.

Our findings suggest that strategic information acquisition reduces contributions to the public good through two channels. First, 
because most participants select the low-biased source, which provides noisy information, posterior beliefs decline on average, 
leading to lower contributions even from socially-oriented participants. Second, selfish participants are more likely to choose the 
high-biased source, which allows them to justify their lower contributions.

Our results illustrate how the current media landscape – i.e., biased media and news consumers with limited attention – can 
impact the provision of public goods with uncertain returns. Environmental protection and COVID-19 containment are two salient 
examples of such public goods with uncertain returns. First, environmental-friendly behaviors (e.g., switching to electric cars to 
reduce carbon emissions) have high economic costs and uncertain returns. Citizens can acquire information from heterogeneous 
sources ranging from environmental activism – such as Fridays for Future – to science denial campaigns, with very different effects 
on climate change awareness (Björnberg et al., 2017; Baiardi and Morana, 2021). Second, we can interpret social distancing, testing, 
and vaccinations as contributions to the public good of COVID-19 containment. The returns to these containment measures were 
initially uncertain since it was not yet clear how the pandemic would evolve. Misleading and false information about the virus and 
the containment measures spread quickly (Cinelli et al., 2020).
Literature review. Strategic information avoidance and strategic information acquisition have been studied extensively in the dictator 
game context, providing different explanations for such behavior.7 Only a few papers study strategic information avoidance and 
strategic information acquisition in the context of public goods.8 Aksoy and Krasteva (2020) study a public good game in which 
participants facing uncertain returns are exogenously informed about the true MPCR. They find that participants’ contributions 
react differently to the information depending on participants’ generosity and whether they receive ‘‘good news’’ or ‘‘bad news’’ 
— i.e., whether the true MPCR is above or below the expected MPCR. By contrast, our focus is on the endogenous acquisition of 
information. We complement their results, showing that social preferences also impact the selection of information sources.9 Momsen 
and Ohndorf (2022) study endogenous information acquisition in a framed experiment with repeated carbon-offset purchasing 
decisions, where the externalities are uncertain. They consider stochastic, potentially unreliable information revelation. They also 
introduce two information sources, allowing for selective exposure, where participants can acquire one signal from each source.10 
They find evidence for information avoidance but not for selective exposure. Our experiment resembles the ‘‘2BR costless’’ treatment 
from Momsen and Ohndorf (2022) but differs in several dimensions. First, we study an unframed setting. Second, we allow 
participants to acquire only one signal to mimic information acquisition under limited attention. Third, we supply participants with 
the correct updated probability that the MPCR is high after information acquisition. Fourth, we test whether selective exposure 
depends on the prior probability that the MPCR is high — as suggested by Che and Mierendorff (2019).

2. Experimental design and implementation

2.1. Experimental design

We study a VCM in which the MPCR is stochastic. Participants interact in groups of four. They receive an endowment of 10. 
Each participant 𝑖 invests some amount 0 ≤ 𝑔𝑖 ≤ 10 in a group project, which is the public account. The remaining amount of 10−𝑔𝑖
stays in her private account. The VCM is played only for one round, i.e., participants make exactly one contribution decision. Let 𝜔
denote the public good’s MPCR, which is the same for all group members. Then, the payoff of participant 𝑖 is given by 

𝜋𝑖 = 10 − 𝑔𝑖 + 𝜔
4
∑

𝑗=1
𝑔𝑗 (1)

such that, if 𝜔 ∈ ( 14 , 1), it is socially efficient to contribute the entire endowment to the public good but individually rational to 
contribute nothing. With a prior probability of 𝜇, the MPCR is high, 𝜔ℎ, and with a prior probability of 1 − 𝜇, the MPCR is low, 

paper (Innocenti and Rohde, 2024), we also showed that the level of contributions to the public good in the experiment is positively correlated with the willingness 
to voluntarily contribute to (i) environmental protection and (ii) COVID-19 containment. The effect is robust to including controls for socio-demographic variables 
and comprehension of the experiment. Thus, the contribution behavior observed in the experiment appears to be indicative of actual contributions to a public 
good, thereby addressing the question of the external validity of our experimental results (Kerschbamer and Müller, 2020).

7 See Golman et al. (2017) for a comprehensive review of this literature. Dana et al. (2007) introduced the idea that participants exploit a ‘‘moral wiggle room’’ 
by remaining ignorant about the consequences of their actions to justify selfish behavior. In Spiekermann and Weiss (2016), participants who feel compelled to 
perform an action implied by a norm can strategically acquire information to manipulate their subjective beliefs, which they use to interpret these normative 
obligations, thus reducing their subjective normative pressure. The literature has also explored strategic information avoidance in trust games (Van der Weele 
et al., 2014; Regner, 2018), charitable donations (Exley, 2016), and principal–agent settings (Friedrichsen et al., 2022).

8 The literature studies the effects of uncertainty about marginal returns on the provision of public goods. See, for instance, Levati et al. (2009) and Fischbacher 
et al. (2014). We contribute by adding the possibility of receiving information about the MPCR.

9 Another difference concerns the information revelation process. In Aksoy and Krasteva (2020), informed participants know the true MPCR. Instead, we offer 
subjects the opportunity to acquire incomplete information, which may reveal the true MPCR.
10 Thunström et al. (2014) and Momsen and Ohndorf (2020) study information avoidance in similarly framed experiments. In these experiments, there is only 

one information source that provides a perfectly informative signal that participants can strategically ignore. Thunström et al. (2014) show that participants are 
less prone to avoid information about social norms than about actual environmental harm. Momsen and Ohndorf (2020) show that participants use information 
costs as a situational excuse to avoid information that prohibits them from behaving selfishly.
3 



F. Innocenti and L.M. Rohde Journal of Economic Behavior and Organization 236 (2025) 107081 
𝜔𝑙. We use a value of 𝜔ℎ = 0.5 for the high MPCR and a value of 𝜔𝑙 = 0.1 for the low MPCR. Thus, the high MPCR 𝜔ℎ creates a 
social dilemma: contributing is socially efficient but not individually rational. Instead, contributing is not socially efficient for the 
low MPCR 𝜔𝑙; thus, there is no social dilemma. Therefore, selfish and social interests are aligned if the MPCR is low but diverge 
if the MPCR is high. To study the effect of prior probabilities, we vary 𝜇 ∈ {0.25, 0.5, 0.75} across treatments. For instance, for a 
risk-neutral participant who makes her contribution decision according to the expected MPCR, full contributions are socially efficient 
when 𝜇 = 0.5 or 𝜇 = 0.75, but not when 𝜇 = 0.25.11

We have two main treatments: no info and info. In the no info treatment, which is our control group, participants do not have 
the opportunity to acquire further information about the MPCR. They learn about the prior probability (thus, we refer to 𝜇 as prior 
belief later) of the high MPCR and then make their contribution decisions. In the info treatment, participants learn about the prior 
probability of the high MPCR, and they can access one piece of information about the MPCR before making their contribution 
decisions. They face two information sources with opposite biases, which send one of the two possible signals high or low.12 The 
high-biased source is biased towards sending the signal that the MPCR is high: If the true MCPR is 𝜔ℎ, the high-biased source always 
sends signal 𝑆𝐻 = ℎ𝑖𝑔ℎ. Instead, if the true MPCR is 𝜔𝑙, the high-biased source sends either signal (𝑆𝐻 = 𝑙𝑜𝑤 or 𝑆𝐻 = ℎ𝑖𝑔ℎ) with 
equal probability. Analogously, the low-biased source is biased towards sending the signal that the MPCR is low: If the true MCPR 
is 𝜔𝑙, the low-biased source always sends signal 𝑆𝐿 = 𝑙𝑜𝑤. Instead, if the true MPCR is 𝜔ℎ, the low-biased source sends either signal 
(𝑆𝐿 = 𝑙𝑜𝑤 or 𝑆𝐿 = ℎ𝑖𝑔ℎ) with equal probability. Participants can acquire one unit of information from only one of the two sources 
or decide not to acquire any further information about the MPCR. Our information revelation process is an application of Che and 
Mierendorff (2019) to the special case with one period, no cost of acquiring information, and a probability 𝜆 = 1

2  of receiving 
breakthrough news. In that case, ‘‘own-biased learning’’ is theoretically optimal, i.e., given her prior belief, a participant should 
acquire information from the source that is biased toward the more likely state of the world.13

If a Bayesian participant in the info treatment acquires information from the high-biased source and receives signal 𝑆𝐻 = 𝑙𝑜𝑤
(i.e., breakthrough news), she updates her belief to 𝜇′

𝐻 = 𝑃𝑟(𝜔 = 𝜔ℎ|𝑆𝐻 = 𝑙𝑜𝑤) = 0. If she receives signal 𝑆𝐻 = ℎ𝑖𝑔ℎ, she updates 
her belief to 𝜇′

𝐻 = 𝑃𝑟(𝜔 = 𝜔ℎ|𝑆𝐻 = ℎ𝑖𝑔ℎ) = 2𝜇
1+𝜇 . Analogously, when she acquires information from the low-biased source and 

receives signal 𝑆𝐿 = ℎ𝑖𝑔ℎ (i.e., breakthrough news), she updates her belief to 𝜇′
𝐿 = 𝑃𝑟(𝜔 = 𝜔ℎ|𝑆𝐿 = ℎ𝑖𝑔ℎ) = 1. If she receives signal 

𝑆𝐿 = 𝑙𝑜𝑤, she updates her belief to 𝜇′
𝐿 = 𝑃𝑟(𝜔 = 𝜔ℎ|𝑆𝐿 = 𝑙𝑜𝑤) = 𝜇

2−𝜇 .
14 We provide participants with the correct Bayesian posterior 

beliefs. After acquiring information, the participants in the info treatment make their contribution decisions based on their posterior 
beliefs about the MPCR.

2.2. The German internet panel

The German Internet Panel (GIP) is a long-term online study based on a random probability sample of the general population 
in Germany aged 16 to 75. The GIP was the central infrastructure project of the Collaborative Research Center (SFB) 884 ‘‘Political 
Economy of Reforms’’ at the University of Mannheim, which was funded by the German Research Foundation (DFG) from 2010 
to 2022. Since 2023, the GIP has been continued as an infrastructure project of the Mannheim University Library. Questionnaire 
modules are developed by researchers in collaboration with the GIP team. The GIP surveys started in 2012. Panel refreshment 
samples were recruited in 2014 and 2018, resulting in a current pool of over 6000 potential participants. The online questionnaires 
are sent to participants on the first day of every other month and remain open for the whole month. The questionnaires take 20-
25 min and cover socio-demographic information and various topics, including political attitudes. Until May 2024 (wave 71), the 
participants received a fixed amount of 4 euros for each completed questionnaire. From then on, the incentive is staggered according 
to the length of the questionnaire, up to 5 euros for each completed questionnaire. Participants also receive a yearly bonus of up 
to 10 euros based on completion rates. The GIP data is publicly available in the GIP data archive at the GESIS-Leibniz Institute for 
the Social Sciences. The original questionnaire documentation for each wave is also available via the GIP data archive.

Our experiment was part of wave 52 of the GIP (March 2021).15 We use a question from the same wave to assess how difficult the 
entire questionnaire, including our experiment, was for the participants. We use data on attitudes towards environmental protection 
from several past waves of the GIP.16

11 Table  A.2 in Appendix  A shows whether it is socially efficient to contribute to the public good or not for each posterior belief.
12 The information-generating process mimics the optimal information structure by a biased sender in standard information design problems (Kamenica and 

Gentzkow, 2011). In other words, it is common for a persuader to send a biased recommendation, which is misleading with a positive but sufficiently small 
probability.
13 Thus, for a prior belief 𝜇 = 0.25, she should acquire information from the low-biased source, and for 𝜇 = 0.75 she should acquire information from the 

high-biased source. For 𝜇 = 0.5, she should be indifferent between the two information sources.
14 Table  A.2 in Appendix  A summarizes posterior beliefs by treatment, prior, and revealed signal.
15 Blom et al. (2021c).
16 For details on the GIP methodology, see Blom et al. (2015, 2016, 2017), Herzing and Blom (2019) and Cornesse et al. (2020). S1.9 includes a detailed 

overview of this additional data.
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2.3. Implementation of the experiment

We implemented the experiment using five survey questions. In the GIP, participants are not used to incentivized economic 
experiments like ours. Therefore, we deliberately refrained from using standard elements of public good experiments, such as 
elicitation of conditional contributions or repetition of the VCM over several rounds. Instead, we simplified the game to a one-
shot decision and included it in a single survey question.17 Moreover, we adapted the instructions to be short and understandable 
for the general population, as participants may not be familiar with probabilities. Therefore, we presented probabilities in terms of 
frequencies.18 We provided the correct Bayesian posterior beliefs to those participants who acquired information to reduce cognitive 
costs and avoid non-Bayesian updating — which could be a confounding factor for our results.

For the random allocation into treatments, we proceeded as follows: we allocated 75% of the participants to the info treatment and 
the remaining to the no info treatment.19 Within each treatment, we allocated one-third of the participants to each prior probability 
𝜇 ∈ {0.25, 0.5, 0.75}. For each prior, we randomly allocated a share 𝜇 of participants to the high MPCR and a share 1 − 𝜇 to the 
low MPCR. For the information revelation, we proceeded as follows: we randomly allocated 50% of the participants to signal high
and 50% to signal low. This variable then decided which signal the chosen source would reveal in those cases where a piece of 
breakthrough news was possible — e.g., if the MPCR allocated to the participant was high, and she acquired signal 𝑆𝐿.

To incentivize the experiment, we paid out the payoffs from the game to 50 randomly selected groups, i.e., 200 participants. 
With an endowment of 10 euros, it was possible to earn up to 25 euros depending on the MPCR and the other group members’ 
decisions. The experiment’s endowment and potential payoff were quite sizable compared to the payment of 4 euros for a completed 
questionnaire or the German minimum hourly wage of 9.50 euros in 2021. On average, those participants randomly selected for 
payment earned 12.62 euros. The lowest payment was 1.70 euros, while the highest was 24.50 euros.

Our questionnaire contained the following parts20: First, we informed the participants about the payment procedure. Second, we 
explained the VCM. We told the participants that they would receive 10 euros on a virtual account and that they could decide how 
much of this amount to invest in a group project and how much to keep on their virtual account. To reduce the level of abstraction, 
we called the group project a ‘‘gold’’ project if the MPCR was 𝜔ℎ = 0.5 and a ‘‘silver’’ project if the MPCR was 𝜔𝑙 = 0.1. Using an 
example, we also showed how to calculate the return from the group project. We informed those in the info treatment that they 
would later have the opportunity to reveal – potentially – the type of the group project.

Then, those in the no info treatment directly proceeded to the contribution stage. Instead, we informed those in the info treatment 
about the information revelation process. Again, to reduce the level of abstraction and increase plausibility, we presented them with 
four envelopes, as inspired by Spiekermann and Weiss (2016), whose experiment exploits the same information revelation process 
as ours in a dictator game. Two envelopes were gold, corresponding to the high-biased source, and two were silver, corresponding to 
the low-biased source.21 We carefully explained the interpretation of the envelopes by describing what information can be obtained 
by opening each envelope. In particular, we told participants that it was possible to infer the type of the group project only from 
one of the four envelopes. Then, the participants answered a comprehension question about the interpretation of the content of the 
envelopes and then made their information acquisition decisions.22 They could choose between opening one of the four envelopes 
or indicating that they do not want to open any envelope.23 At the contribution stage, those in the info treatment received the 
information about the content of the envelope and the correct Bayesian posterior.24 All participants were then asked to decide 
which amount between 0 and 10 euros they wanted to invest in the group project.

After the contribution decision, we elicited potential contribution types in a multiple-choice question by asking about the motives 
for the contribution decision.25 For the answer options, we follow the literature that finds that most participants in public good games 
are either free-riders, unconditional cooperators, or conditional cooperators (Fischbacher et al., 2001; Fischbacher and Gächter, 
2010): Participants could indicate that they wanted to maximize their own payoff, maximize the payoff of the entire group, or that 
they wanted to contribute neither more nor less than other group members. We also included the option to indicate that they had 
other reasons.

17 We also used abstract framing and neutral language, avoiding possibly loaded words such as ‘‘public good’’ or ‘‘bias’’ to be able to study the participants’ 
underlying preferences without an associated context.
18 Note that since the participants are randomly split into groups of pre-determined size to allocate them into the treatments, using frequencies is mathematically 

correct and does not constitute deception.
19 This allocation ensured a sufficiently large number of observations for each posterior belief.
20 See S2 for the instructions and questions. The codebook to GIP wave 52 is available via the GESIS Data Archive and contains the original programming 

instructions (see Blom et al., 2021c).
21 We randomized the order in which the four envelopes were shown to the participants. The order of the envelopes in the information acquisition decision 

remained identical to the order shown in the instructions.
22 We randomized the order of the answer options to the comprehension question.
23 Depending on what they chose, we asked their minimum willingness to pay for the chosen envelope or their minimum willingness to accept to open an 

envelope if they chose not to. We did not incentivize these questions.
24 Once a participant reached the contribution stage, she could not go back to the information stage, making it impossible to open more than one envelope. 

Table  A.2 in Appendix  A includes a summary of posterior beliefs by prior and revealed signal and their implication for whether contributing is socially efficient.
25 We randomized the order of answer options to the question about contribution motives.
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2.4. Discussion of the framing of information sources

Our results suggest that participants aim to achieve certainty through their information acquisition choice, i.e., they acquire 
information from the source which might reveal with certainty that their individually preferred contribution level is socially efficient. 
Therefore, a legitimate question is whether potential framing effects might drive this result. Our instructions for the information stage 
(see Supplementary Material S2) are inspired by Spiekermann and Weiss (2016), whose experiment exploits the same information 
revelation process as ours in a dictator game. In their experiment, ‘‘the dictators have an unannounced opportunity to acquire 
information that may inform them about the type of their receiver. [...] If the receiver is a high performer, the information is in one 
of two envelopes called ‘gold envelopes’. If the receiver is a low performer, the information is in one of two envelopes called ‘silver 
envelopes’ ’’ (p. 178). In their instructions, Spiekermann and Weiss (2016) focus exclusively on which information reveals the type 
of the receiver with certainty (see their Web Appendix I, p. 2). In our instructions for the information stage, and especially in the 
comprehension question, we emphasize how to achieve certainty as well. However, while ensuring that the explanation remains 
sufficiently simple, we still provide all relevant information to avoid leaving out any part of the story. In particular, we describe in 
detail what information can be obtained by opening each envelope. First, we explain what card an envelope can contain in each 
state of the world.26 Then, we explain how each card-envelope combination can be interpreted.27 After the information stage, we 
provide the correct interpretation of the revealed card-envelope combination and the exact Bayesian posterior belief.

We did not run a treatment for different ways of presenting the information, and hence cannot test for framing effects directly. 
However, if our emphasis on achieving certainty drove participants’ behavior, we would expect their contribution behavior to be 
affected only by the revelation of the true state of the world (i.e., to their posterior belief becoming 0 or 1). In contrast, their 
contribution behavior would not be affected if the revealed information does not lead to certainty about the true state of the world. 
However, the experimental results suggest this is not the case.

3. Results

A total of 4370 participants took part in GIP wave 52. Of those participants, 100 broke off the survey, and others decided not 
to participate in our experiment or completed it partially. We dropped all participants who skipped information acquisition or the 
contribution to the public good, resulting in an overall sample size of 4187 participants. In this sample, the average age is around 
52 years, 48% of the participants are female, and 34% have an academic education, i.e., a Bachelor’s degree or higher.28 We now 
present the results of our experiment in terms of descriptive statistics. Then, we perform a regression analysis that shows how the 
contribution types elicited in our questionnaire affect information acquisition decisions and how strategic information acquisition, in 
turn, affects voluntary contributions. We corroborate our findings by investigating whether the participant’s information acquisition 
decisions correlate with the willingness to voluntarily contribute to environmental protection. These additional results are in 
Supplementary Material S1.2.

3.1. Descriptive results

Information acquisition. Most participants in the info treatment (87%) choose to acquire a signal from either of the two sources; only 
a small share (13%) chooses not to acquire any information. Among those participants who do acquire information, the majority 
(65%) choose the low-biased source.29 The finding that signal 𝑆𝐿 is the most frequent information acquisition choice aligns with the 
results of Spiekermann and Weiss (2016). Fig.  1 shows that signal choices do not differ in a statistically significant manner between 
the three prior probabilities. How information acquisition choices affect posterior beliefs helps to understand how information 
acquisition affects voluntary contributions compared to the no info treatment. The beliefs of 41% of the participants in the info
treatment decline compared to their prior. Only 8% of the participants found out that the true MPCR is low with certainty, while 
15% revealed that the true MPCR is high with certainty.30

Voluntary contributions. We study how the information treatment affects three main features of the distribution of voluntary 
contributions to the public good: average contributions, the share of free riders, and the share of participants who contribute their 
entire endowment.

In the no info treatment, participants contribute on average 6.94 euros to the public good. The info treatment significantly reduces 
the average contributions to 6.13 euros (Wilcoxon rank sum test, 𝑝 < 0.0001), which corresponds to a reduction by 8.1% of the 
endowment. The treatment effect is statistically significant for all prior beliefs, and average contributions do not differ significantly 
between prior beliefs in either treatment.31

26 For instance, we write: ‘‘Only if the group project is GOLD, exactly one of the two silver envelopes contains a gold card and hence reveals the type of the 
group project. Otherwise, the silver envelopes always contain a silver card.’’
27 For instance, we write: ‘‘Only if you find a gold card in a silver envelope, you can be completely certain that the group project is a GOLD project. If you 

find a gold card in a gold envelope, you can be more certain that it is a GOLD project than without this information, but you cannot be completely certain.’’
28 The demographic characteristics are balanced across treatments. See Table  A.1 in Appendix  A.
29 We report the results concerning the participants’ willingness to pay/accept in S1.2.1.
30 Figure S1.1 in S1.1 displays the changes in the posterior beliefs across treatments. Table  A.2 in Appendix  A summarizes the posterior beliefs by treatment, 

prior, and revealed signal, and how many participants ended up with a given posterior belief.
31 Figure S1.2 in S1.1 displays average contributions for the three different prior beliefs.
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Fig. 1. Information acquisition choices for the different prior beliefs 𝜇. Error bars represent 95% confidence intervals.

Fig. 2. The distribution of contributions to the public good in the two treatments.

Fig.  2 displays the distribution of voluntary contributions to the public good in the two treatments. In both treatments, the most 
frequently chosen contribution levels are 10 euros – the entire endowment – and 5 euros — half of the endowment. We compare 
the distribution of contributions in the two treatments and observe a shift to the left following information acquisition, resulting in 
lower contribution levels having higher frequencies.32

In particular, only 6% of the participants contribute zero in the no info treatment. This share increases to 9% in the info treatment, 
which is a significant difference (two-proportions z-test, 𝑝 = 0.0066). Similarly, the share of participants who contribute their entire 
endowment of 10 euros significantly decreases from 35% in the no info treatment to 29% in the info treatment (two-proportions 
z-test, 𝑝 = 0.0003).33

32 Figure S1.6 in S1.1 shows that the same shift to the left of the distribution of contributions in the info treatment compared to the no info treatment occurs 
independently of whether the true MPCR is high or low.
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The reduction in contributions in the info treatment, compared to the no info treatment, is driven by the signal choices as well 
as revealed information. Those participants who do not acquire information contribute only 4.45 euros on average, compared to an 
average of 6.94 euros in the no info treatment, which is a significant difference (Wilcoxon rank sum test, 𝑝 < 0.0001). Those who 
select the high-biased source contribute 6.53 euros on average, which is driven by those who reveal that the true MPCR is low: 
they significantly reduce their contribution to 5.79 euros on average (Wilcoxon rank sum test, 𝑝 < 0.0001). Instead, the average 
contribution of those who receive the signal 𝑆𝐻 = ℎ𝑖𝑔ℎ amounts to 6.79 euros, which is not a significant difference to the no info
treatment (Wilcoxon rank sum test, 𝑝 = 0.2413). Those who select the low-biased source contribute 6.30 euros on average, which is 
driven by those who receive the signal 𝑆𝐿 = 𝑙𝑜𝑤: they significantly reduce their contribution to 5.82 euros on average (Wilcoxon rank 
sum test, 𝑝 < 0.0001). In contrast, the average contribution of those who reveal that the true MPCR is high significantly increases 
to 7.62 euros (Wilcoxon rank sum test, 𝑝 < 0.0001). The former effect dominates because the signal 𝑆𝐿 = 𝑙𝑜𝑤 is obtained more 
frequently. Average contributions of participants who do not reveal the true MPCR do not differ significantly between posterior 
beliefs, neither among those who receive the signal 𝑆𝐻 = ℎ𝑖𝑔ℎ, nor among those who receive the signal 𝑆𝐿 = 𝑙𝑜𝑤.34

Concerning the motives behind their contribution decisions, most participants indicated exactly one motive35: 12% want to 
maximize their own payoff, 45% want to maximize the payoff of the entire group, 21% want to contribute neither more nor less 
than other group members, and 13% had ‘‘other reasons’’.36 Among those who indicated exactly one of the three main motives, the 
participants interested in maximizing the group’s payoff contribute the largest amount on average, are least likely to contribute zero, 
and are most likely to contribute the entire endowment.37 Interestingly, those who claim to be interested in contributing neither 
more nor less than other group members appear to be slightly more selfish than those who indicate that they want to maximize 
their own payoff: They contribute less on average and are less likely to contribute the entire endowment.38 Therefore, we merge 
these two types of participants into a single ‘‘selfish’’ category.39 In the following analysis, we will thus focus on these ‘‘selfish’’ 
types, compared to those who indicated that they want to maximize the group’s payoff as their unique answer, whom we interpret 
as being the more ‘‘socially-oriented’’ types.

Social efficiency. We investigate how the information treatment affects the social efficiency of contributions. Recall that if the true 
MPCR is high (𝜔ℎ), it is socially efficient to contribute the entire endowment to the public good. Instead, if the true MPCR is low 
(𝜔𝑙), it is socially efficient to contribute nothing. Therefore, we define the ex-post efficiency 𝐸𝑝 of a contribution 𝑔 ∈ [0, 10] as

𝐸𝑝(𝑔, 𝜔) =

{

1 − 𝑔
10 if 𝜔 = 𝜔𝑙

𝑔
10 if 𝜔 = 𝜔ℎ

where 𝐸𝑝(⋅) ∈ [0, 1]. We find that the average ex-post efficiency level is 0.51 in the no info treatment and 0.54 in the info treatment, 
where the difference is significantly different from zero (Wilcoxon rank sum test, 𝑝 = 0.0148). Hence, overall, the information 
treatment increases ex-post efficiency.40 However, the effect of the information treatment on the ex-post efficiency of contributions 
is heterogeneous and depends on the nature of the public good. Crucially, the information treatment leads to lower contributions 
and, thus, can increase ex-post efficiency only if the true MPCR is low. Indeed, we find that the treatment effect on ex-post efficiency 
is only significantly positive when the true MPCR is low.41

Because ex-post efficiency is affected by noise due to the realization of the state of the world, we also consider ex-ante expected 
efficiency. Given posterior belief 𝜇′, the expected MPCR of the public good is E(𝜔) = 𝜇′𝜔ℎ + (1 − 𝜇′)𝜔𝑙. Then, the expected payoff 

33 Comparing our results to the literature, we find that our sample from the general population seems more altruistic than the typical sample of students in 
the laboratory. See, for instance, Fischbacher et al. (2001).
34 Since average contributions do not differ significantly between prior beliefs in the no info treatment either, this result could indicate that participants only 

care about being uncertain, but not about the exact probability of the true MPCR being high.
35 Among those who indicated more than one of the three main motives, maximizing their own and the group’s payoff is the most frequent combination. 

However, the contribution behavior of those who indicated more than one motive is erratic and cannot be rationalized. For example, we observe that those 
answering that they want to maximize their own and the group’s payoff contribute more on average than those who only want to maximize the group’s payoff. 
The most likely explanation is confusion and lack of understanding. We keep these contribution types in our sample for completeness but refrain from interpreting 
their effect on information acquisition in the following regression analysis.
36 We included an open-answer field for those having ‘‘other reasons’’ behind their contribution decisions. Some participants indicate either risk-averse behavior 

(not investing because of the uncertainty about the returns) or risk-seeking behavior (investing the entire endowment in gambling). There is also a tendency to 
evenly split the money between the private and public accounts, which might explain the high share of investments of 5 euros. However, most open answers 
show confusion and a lack of comprehension. Therefore, we will not focus on the ‘‘other reasons’’ category in the following analysis.
37 Figure S1.3 in S1.1 shows how the contribution decisions differ by contribution motive.
38 When designing the question to elicit contribution types, we thought of ‘‘contributing neither more nor less than other group members’’ as reciprocity 

concerns, in the sense of conditional cooperation. However, we cannot identify reciprocating behavior with our data because we neither elicit participants’ 
beliefs about others’ contributions nor their conditional contributions in a contribution table (Fischbacher et al., 2001). Potentially, the reciprocity motive might 
have been chosen as an excuse by selfish participants who do not want to appear so.
39 We classify all participants who answered that they are interested in maximizing their own payoff, or in contributing neither more nor less than other 

group members, or in both as ‘‘selfish’’.
40 In a previous version of the paper, we also studied ex-post social welfare (Innocenti and Rohde, 2024). We found that the treatment effect on social welfare 

is overall positive but heterogeneous: when the true MPCR is low, social welfare increases by up to 12.4%, whereas when the true MPCR is high, social welfare 
decreases by up to 5.3%.
41 Figure S1.4 in S1.1 shows the treatment effect on ex-post efficiency by MPCR for each prior belief.
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of participant 𝑖 is given by 

E(𝜋𝑖) = 10 − 𝑔𝑖 + E(𝜔)
4
∑

𝑗=1
𝑔𝑗 (2)

such that, if E(𝜔) ∈ ( 14 , 1], it is socially efficient to contribute the entire endowment, whereas if E(𝜔) ∈ [0, 14 ] it is socially efficient 
to contribute nothing. Thus, the ex-ante expected efficiency 𝐸𝑎 of a contribution 𝑔 ∈ [0, 10], given posterior belief 𝜇′, is

𝐸𝑎(𝑔, 𝜇′) =

{

1 − 𝑔
10 if 𝜇

′ ∈ [0, 38 ]
𝑔
10 if 𝜇

′ ∈ ( 38 , 1]

where 𝐸𝑎(⋅) ∈ [0, 1].42 We find that the average ex-ante efficiency level is 0.57 in the no info treatment and 0.56 in the info treatment, 
where the difference is not significantly different from zero (Wilcoxon rank sum test, 𝑝 = 0.2147). Hence, overall, the information 
treatment does not significantly affect ex-ante efficiency. However, the effect of the information treatment on the ex-ante efficiency 
of contributions is heterogeneous and depends on the prior belief 𝜇. The reduction of contributions in the info treatment increases 
ex-ante efficiency only for the prior belief 𝜇 = 0.25, whereas it significantly reduces ex-ante efficiency for 𝜇 = 0.5 and 𝜇 = 0.75.43

3.2. Regression analysis

We now use regression analysis to answer two questions about the interplay of selective exposure and voluntary contributions. 
How do contribution types affect information acquisition decisions? How does strategic information acquisition affect voluntary 
contributions in the info treatment compared to the no info treatment?

Information acquisition. From an econometric perspective, we study information acquisition as if it consists of two separate decisions. 
First, each participant decides whether to acquire a signal or not. Second, if she acquires a signal, she chooses between 𝑆𝐻  and 𝑆𝐿. 
Thus, we estimate two probit regressions that model these two decisions separately.44 Table  1 presents the probit estimates of the 
marginal effects of priors and contribution types on the decision about whether to acquire information or not. Table  2 presents the 
same effects on the decision about which signal (𝑆𝐻  or 𝑆𝐿) to acquire among those who acquired information.45 For the contribution 
motives, the reference category is those who want to maximize the group’s payoff.

Table  1 shows that those classified as being ‘‘selfish’’ are less likely to acquire information than those who want to maximize 
the group’s payoff. Table  2 shows that, if they acquire information, they are more likely to acquire signal 𝑆𝐻 . Both effects remain 
significant, at least at the 5% level, when controlling for the comprehension and perceived difficulty of the experiment. Priors affect 
neither information acquisition decision in a statistically significant manner.46

So far, we studied the effect of social preferences – measured by the contribution types – on information acquisition based 
on the participants’ stated preferences elicited through our questionnaire. Because the classification of participants into different 
types occurs only after information acquisition, this measure suffers from endogeneity problems. To address this issue, we study 
the same questions based on the participants’ revealed preferences demonstrated by their behavior in real-world public good 
contexts. To do so, we return to one of the two salient examples of public goods with uncertain marginal returns introduced at the 
beginning: environmental protection.47 We exploit several questions from previous GIP waves to measure participants’ willingness to 
contribute to environmental protection (see Supplementary Material S.1.2.2 for the analysis and Supplementary Material S1.9 for a 
description of the variables and variable selection). We find that, although the willingness to contribute to environmental protection 
does not affect the decision to acquire information, among those who acquire information, a higher willingness to contribute to 
environmental protection correlates with the decision to acquire information from the low-biased source. This finding corroborates 
our result that underlying social preferences guide strategic information acquisition. Overall, we show that more socially-oriented 
(selfish) participants – either identified by their stated preferences or their higher (lower) willingness to contribute to environmental 
protection – are more likely to acquire information from the low-biased (high-biased) source.

42 Table  A.2 in Appendix  A shows whether contributing to the public good is ex-ante efficient for each posterior belief obtainable in the different treatments.
43 Figure S1.5 in S1.1 shows the average ex-ante efficiency level in the two treatments by prior belief.
44 Alternatively, we can study the overall decision problem between the three options of acquiring no signal, acquiring 𝑆𝐻 , or acquiring 𝑆𝐿 using multinomial 

logit regression. This alternative approach produces results that are consistent with those of our main specification (see Table S1.13 in S1.3).
45 The full regression tables, including the coefficients for the other contribution motives, comprehension, and difficulty, are in S1.4.
46 We conduct several robustness checks to test whether potential comprehension problems could drive our results. First, we re-run the regressions on the 

subsample of those participants who indicated they did not find the questionnaire difficult. Second, we consider the response times — i.e., the time a participant 
spent on each question page, including the instructions. We drop the top 10% and the bottom 10% of the distribution concerning the time spent on the instructions 
for the public good game. Third, we use the subsample of those who correctly answered the comprehension question about the information revelation process. 
S1.8 includes all tables for these robustness checks. The two main findings are robust to these modifications.
47 In a previous version of the paper, we also considered the example of COVID-19 containment (Innocenti and Rohde, 2024). However, the correlation 

between information acquisition and voluntary contributions to COVID-19 containment is less significant than for environmental protection. The reason could be 
that these two public goods are very different: In particular, the willingness and ability to contribute to COVID-19 containment are affected by more external 
factors and are tangled together with health concerns and personal liberty issues, which makes it a more imperfect measure of one’s tendency to contribute to 
public goods.
9 
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Table 1
Probit model for the decision to acquire information.
 Dependent variable:
 Acquired information
 Probit

 (1) (2) (3) (4)  
 Prior = 0.25 −0.018 −0.012 −0.011 −0.011  
 (0.015) (0.014) (0.014) (0.014)  
 Prior = 0.75 −0.011 −0.013 −0.008 −0.008  
 (0.015) (0.014) (0.014) (0.014)  
 Selfish −0.093∗∗∗ −0.070∗∗∗ −0.069∗∗∗  
 (0.014) (0.013) (0.013)  
 Constant – – – –  
 Other motives No Yes Yes Yes  
 Comprehension No No Yes Yes  
 Difficulty No No No Yes  
 Observations 3127 3111 3111 3100  
 Log likelihood −1216.005 −1131.738 −1028.666 −1023.624 
Note: ∗p < 0.1; ∗∗p < 0.05; ∗∗∗p < 0.01.
All columns report marginal effects, with robust standard errors in parentheses. The sample is the 
subsample of those in the info treatment. The dependent variable is a binary indicator variable 
which takes the value 1 if the participant chose to acquire either of the two signals, and the 
value 0 if the participant did not acquire any signal. Prior is a categorical variable with 0.5 as 
the omitted reference category. Selfish and other motives belong to the same categorical variable 
which captures the motives behind the contribution decision, with group payoff  as the omitted 
reference category. The control variable comprehension captures whether the participant answered 
the comprehension question correctly, and difficulty captures the perceived difficulty of the entire 
questionnaire. The number of observations in columns 2–4 is reduced because some participants 
did not answer the question about the contribution motives or the question about the difficulty 
of the questionnaire.

Table 2
Probit model for the decision to acquire signal 𝑆𝐻 among those who acquire information.
 Dependent variable:
 Acquired signal 𝑆𝐻

 Probit

 (1) (2) (3) (4)  
 Prior = 0.25 −0.018 −0.017 −0.018 −0.020  
 (0.023) (0.023) (0.022) (0.022)  
 Prior = 0.75 −0.024 −0.023 −0.028 −0.030  
 (0.022) (0.022) (0.022) (0.022)  
 Selfish 0.059∗∗∗ 0.049∗∗ 0.054∗∗∗  
 (0.021) (0.021) (0.021)  
 Constant – – – –  
 Other motives No Yes Yes Yes  
 Comprehension No No Yes Yes  
 Difficulty No No No Yes  
 Observations 2716 2707 2707 2697  
 Log likelihood −1761.147 −1748.796 −1701.577 −1688.004 
Note: ∗p < 0.1; ∗∗p < 0.05; ∗∗∗p < 0.01.
All columns report marginal effects, with robust standard errors in parentheses. The sample is 
the subsample of those who acquired information. The dependent variable is a binary indicator 
variable which takes the value 1 if the participant acquired signal 𝑆𝐻 , and the value 0 if the 
participant acquired signal 𝑆𝐿. Prior is a categorical variable with 0.5 as the omitted reference 
category. Selfish and other motives belong to the same categorical variable which captures the 
motives behind the contribution decision, with group payoff  as the omitted reference category. 
The control variable comprehension captures whether the participant answered the comprehension 
question correctly, and difficulty captures the perceived difficulty of the entire questionnaire. The 
number of observations in columns 2–4 is reduced because some participants did not answer the 
question about the contribution motives or the question about the difficulty of the questionnaire.

Voluntary contributions. To analyze how strategic information acquisition affects voluntary contributions in the info treatment 
compared to the no info treatment, we performed several regressions with the signal choices and the revealed information as 
explanatory variables. Fig.  2 shows that the distribution of contributions is roughly continuous, with significant mass at the 
endpoints. Therefore, we study three main features of the distribution of contributions: the probability of contributing zero, the 
10 
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Table 3
Three-part model for contributions.
 Dependent variable:
 Zero contribution Contributions Full contribution
 Probit Tobit Probit

 (1) (2) (3) (4) (5) (6) (7) (8) (9)  
 Info 0.026∗∗∗ −0.648∗∗∗ −0.061∗∗∗  
 (0.009) (0.083) (0.017)  
 Prior = 0.25 0.029∗∗∗ 0.019∗∗ 0.019∗∗ 0.030 0.100 0.153∗ −0.012 −0.0001 0.010  
 (0.010) (0.009) (0.009) (0.094) (0.090) (0.089) (0.017) (0.017) (0.017)  
 Prior = 0.75 0.018∗ 0.013 0.016∗ 0.145 0.168∗ 0.119 0.031∗ 0.034∗∗ 0.021  
 (0.010) (0.009) (0.009) (0.094) (0.088) (0.088) (0.018) (0.017) (0.017)  
 Acquired signal 𝑆𝐻 0.002 −0.463∗∗∗ −0.003  
 (0.010) (0.103) (0.020)  
 Acquired signal 𝑆𝐿 −0.001 −0.605∗∗∗ −0.045∗∗∗  
 (0.009) (0.088) (0.017)  
 No signal acquired 0.159∗∗∗ 0.159∗∗∗ −0.986∗∗∗ −0.992∗∗∗ −0.030 −0.033  
 (0.019) (0.019) (0.161) (0.160) (0.027) (0.027)  
 Posterior = 1 −0.006 0.005 0.083∗∗∗  
 (0.014) (0.143) (0.026)  
 Posterior = 0 0.047∗∗ −0.812∗∗∗ −0.029  
 (0.019) (0.183) (0.032)  
 Posterior increased −0.017 −0.344∗∗∗ 0.005  
 (0.010) (0.110) (0.022)  
 Posterior reduced 0.0002 −0.759∗∗∗ −0.095∗∗∗  
 (0.010) (0.092) (0.018)  
 Constant 5.729∗∗∗ 6.236∗∗∗ 6.232∗∗∗  
 (0.087) (0.121) (0.120)  
 Motives No Yes Yes No Yes Yes No Yes Yes  
 Difficulty No Yes Yes No Yes Yes No Yes Yes  
 Observations 4187 4153 4153 2567 2544 2544 4187 4153 4153  
 Log likelihood −1141.922 −874.169 −867.264 −5364.466 −5164.037 −5145.304 −2577.495 −2345.903 −2318.268 
Note: ∗p < 0.1; ∗∗p < 0.05; ∗∗∗p < 0.01.
Robust standard errors in parentheses. Columns 1–3 and 7–9 report marginal effects. Zero contribution is a binary indicator variable. Contributions is the level of 
contributions (in euros) for the subset of participants who contributed 0 < 𝑔𝑖 < 10. Full contribution is a binary indicator variable. The truncated normal model in 
columns 4–6 is estimated on the subsample of those who contributed 0 < 𝑔𝑖 < 10. Prior is a categorical variable with 0.5 as the omitted reference category. Signal 
choice and posterior are categorical variables with ‘‘no info treatment’’ as the omitted reference category. Motives captures the different contribution motives, and
difficulty captures the perceived difficulty of the entire questionnaire.

probability of contributing the entire endowment, and the average contribution for those who contribute 0 < 𝑔𝑖 < 10. We use 
a three-part model to model these three distribution features separately. This model provides the highest possible flexibility by 
allowing separate mechanisms to determine the three decisions of interest.48 Table  3 summarizes the three-part model.49 We estimate 
a probit regression to model the decision to contribute zero, a truncated normal model for the contribution level on the subsample 
of participants who contribute 0 < 𝑔𝑖 < 10, and another probit regression to model the decision to contribute the entire endowment.

For each part, we report three different specifications of the explanatory variables. First, we consider the overall effect of the
info treatment on the three decisions, compared to the no info treatment (columns 1, 4, and 7). Second, to gain insight into the 
mechanisms behind this treatment effect, we include the signal choices (columns 2, 5, and 8) and the changes in the posterior 
beliefs (columns 3, 6, and 9).50 Because the contribution types affect both the signal choice and the contribution decisions, we 
include them as control variables. We additionally control for the perceived difficulty of the questionnaire.

The three-part model highlights several results. The probability of contributing zero is higher in the info treatment than in the
no info treatment, while both the amount contributed among those with 0 < 𝑔𝑖 < 10 and the probability of contributing the entire 
endowment are smaller in the info treatment than in the no info treatment. Those who did not acquire information drive the increase 
in zero contributions in the info treatment, whereas those who acquire signal 𝑆𝐿 drive the decrease in full contributions. Among 

48 There exist alternative models potentially suitable for our data. The two-limit Tobit model (Table S1.16 in S1.3) takes into account the pileups at the 
endpoints. However, it does not allow separate mechanisms to determine the different decisions. The two-part hurdle model (Tables S1.14 and S1.15 in S1.3) 
models only the participation decision separately from the amount decision, but it does not consider the decision to contribute the entire endowment. Our main 
results are robust when using these alternative models. Comparing the values of the log-likelihood function reveals that the three-part model reported in this 
section provides the best model fit. S1.6 includes details about the model selection process.
49 The full regression tables for all three parts, including the coefficients for the contribution motives and difficulty, are in S1.4.
50 To test whether the effects of information on the contribution decisions differs by prior belief, we also estimated models for all three parts in which we 

included interactions between prior beliefs and signal choices, or prior beliefs and posterior beliefs (Tables S1.6 - S1.11 in S1.3). Our main results are robust to 
including these interaction effects. In each case, a likelihood ratio test fails to reject the null hypothesis that the more complex model, including the interaction 
effects, fits the data as well as the nested model without the interactions. Therefore, we conclude that adding the interaction terms does not improve the model, 
so we focus on the simpler model here.
11 
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those who contribute 0 < 𝑔𝑖 < 10, both those who acquire any signal and those who do not reduce their contributions compared to 
those in the no info treatment. The changes in posterior beliefs mainly affect the contribution decisions in the expected direction. 
Obtaining a posterior belief of 𝜇′

𝐿 = 1 (i.e., revealing that the true MPCR is high) increases the probability of contributing the entire 
endowment compared to the no info treatment. Obtaining a posterior belief of 𝜇′

𝐻 = 0 (i.e., revealing that the true MPCR is low) 
increases the probability of contributing zero and reduces contributions among those with 0 < 𝑔𝑖 < 10, compared to the no info
treatment. A reduced posterior 0 < 𝜇 < 𝜇′

𝐿 reduces the probability of contributing the entire endowment and reduces contributions 
among those with 0 < 𝑔𝑖 < 10, compared to the no info treatment. Only the negative effect of an increased posterior 𝜇 < 𝜇′

𝐻 < 1
on the level of contributions among those with 0 < 𝑔𝑖 < 10 is unexpected.51 This effect is most likely caused by the selection at 
the information stage — because those who acquire signal 𝑆𝐻  are generally less willing to contribute than those in the no info
treatment, independent of their beliefs.52

We again repeat the analysis using the participants’ revealed preferences demonstrated by their behavior in the context of 
voluntary contributions to environmental protection instead of their stated preferences elicited through our questionnaire as a control 
variable (see Table S1.3 in Supplementary Material S1.2). The results based on environmental contributions align with the results 
in Table  3. The unexpected negative effect of an increased posterior remains, highlighting that both elicited contribution types as 
well as environmental contributions are imperfect measures of social preferences in the context of our experiment.

To summarize, the information treatment reduces the level of contributions independently of the acquired signal. Because our 
measures of social preferences are imperfect, we cannot fully disentangle the mechanisms driving the interplay between strategic 
information acquisition and contribution behavior. However, our results suggest that the mechanisms driving the reduction in 
contributions differ depending on the signal choice. Acquiring information from the low-biased source reduces posterior beliefs 
on average. Participants acquiring information from this source are more likely to be socially-oriented and, hence, less willing to 
contribute if they are less confident that the MPCR is high. Therefore, they contribute less when they receive signal low. However, 
they contribute more when they receive the signal high from the low-biased source – and, hence, become sure that the MPCR 
is high – but this happens less frequently. The sum of these effects explains the reduction in contributions compared to the no 
info treatment. Acquiring information from the high-biased source increases posterior beliefs on average. Participants acquiring 
information from this source are more likely to be selfish and, hence, less willing to contribute to the public good independent of 
their beliefs. Indeed, since the ultimate goal of selfish participants is to avoid contributing and they process information strategically 
to justify this behavior, they do not respond to higher beliefs – following signal high – by increasing their contributions. However, 
they contribute less when they receive the signal low from the high-biased source — and, hence, become sure that the MPCR is low. 
Therefore, although posterior beliefs are higher on average, contributions are generally lower than those in the no info treatment.

4. Conclusion

In this paper, we investigate whether strategic information acquisition can harm the provision of public goods in a setting where 
decision-makers with limited attention choose between biased information sources. Most participants acquire information from the 
low-biased source. In particular, our analysis suggests that participants sort into the audiences of different information sources 
following their social preferences. Selfish participants are less likely to acquire information. If they acquire information, they are 
more likely to choose the high-biased source, which might reveal that the true MPCR is low, justifying low contributions. In contrast, 
socially-oriented participants are more likely to acquire information from the low-biased source – if they acquire information – for the 
opposite reason. The fact that selfish participants strategically seek information that justifies selfish behavior – or avoid information 
that compels them to behave more generously – has already been documented in the context of dictator games. Observing the same 
behavior in a public good game has more far-reaching consequences because it impacts social efficiency.

Our results show that more information is not always better: the possibility of accessing noisy information from biased sources 
can be harmful in the public good context. Compared to the case where no further information is available, strategic information 
acquisition leads to lower contributions and more free-riding, which can reduce social efficiency. Therefore, a policymaker concerned 
with providing a public good that requires citizens’ investments, such as improving environmental quality or containing a virus, 
should consider the information environment. The previous considerations leave several open questions for future research: How can 
desirable collective outcomes, such as the provision of a public good, be reached despite strategic information acquisition? Moreover, 
it might be the case that a policymaker is more informed about the actual state of the world than the citizens – e.g., because she 
is directly in contact with scientists – and that she might want to persuade citizens of her belief. How can she credibly convey her 
information when other sources might make different, unreliable claims? This question is especially relevant during times of low 
trust in governments and general skepticism towards science.

51 We estimate the three-part model on the two subsamples of those who acquired signal 𝑆𝐻 and those who acquired signal 𝑆𝐿 separately, using priors and 
changes in posterior beliefs as explanatory variables (Table S1.12 in S1.3). Then, the information revelation is exogenous and random in each subsample by 
construction. The results show that the participants react in the expected direction when they reveal the true MPCR.
52 Another potential explanation might be confusion among the participants concerning the information received. Our robustness checks address this potential 

problem. First, we re-run the regression analysis using the subsample of participants who did not find the questionnaire difficult (Table S1.32 in S1.8). Second, 
we make use of the response times contained in the dataset: we drop from the sample the bottom 10% and top 10% of the distribution concerning the time 
spent on the instructions for the public good game (Table S1.35 in S1.8). In both cases, the sign and significance of the coefficients remain the same.
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Table A.1
Demographic characteristics across treatments.
 Treatment Prior belief n Average age Female Academic education 
 No info 0.25 352 52 47% 34%  
 No info 0.5 357 53 49% 34%  
 No info 0.75 351 51 47% 38%  
 Info 0.25 1046 52 48% 34%  
 Info 0.5 1042 52 49% 35%  
 Info 0.75 1039 52 49% 32%  
n is the number of participants in each treatment arm. The average age is calculated from an 
age variable denoting the midpoint (in years) of the six age categories. An academic education 
is classified as having at least a Bachelor’s degree.

Table A.2
Posterior beliefs.
 Treatment Prior belief Signal Posterior belief n Is contributing

ex-ante efficient?
 

 No info 0.25 n/a 0.25 352 No  
 No info 0.5 n/a 0.5 357 Yes  
 No info 0.75 n/a 0.75 351 Yes  
 Info 0.25 None 0.25 145 No  
 Info 0.25 𝑆𝐻 = low 0 112 No  
 Info 0.25 𝑆𝐻 = high 0.4 201 Yes  
 Info 0.25 𝑆𝐿 = low 0.14 508 No  
 Info 0.25 𝑆𝐿 = high 1 76 Yes  
 Info 0.5 None 0.5 127 Yes  
 Info 0.5 𝑆𝐻 = low 0 94 No  
 Info 0.5 𝑆𝐻 = high 0.66 240 Yes  
 Info 0.5 𝑆𝐿 = low 0.33 431 No  
 Info 0.5 𝑆𝐿 = high 1 149 Yes  
 Info 0.75 None 0.75 138 Yes  
 Info 0.75 𝑆𝐻 = low 0 41 No  
 Info 0.75 𝑆𝐻 = high 0.86 266 Yes  
 Info 0.75 𝑆𝐿 = low 0.6 349 Yes  
 Info 0.75 𝑆𝐿 = high 1 242 Yes  
n is the number of participants that ended up with the respective posterior belief.
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Table  A.1 shows how many participants were allocated to each treatment arm and their demographic characteristics captured 
by age, gender, and academic education.

Table  A.2 summarizes the posterior beliefs by treatment, prior, and revealed signal. It also shows how many participants ended 
up with a given posterior belief and for which posterior beliefs it is socially efficient to contribute to the public good.
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