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Abstract
The study examines how presumed influences of social media on young people, as well 
as perceptions of how widely such beliefs are shared, shape support for social media 
bans. Extending the Influence of Presumed Influence (IPI) model, we introduce second-
order presumed influences, defined as perceptions about how widely others presume 
media influences, and propose a mechanism of social validation. We additionally 
examine elite-based validation, referring to perceived beliefs of influential actors (i.e. 
scientists, politicians, and the media), as well as perceived social norms. Using survey 
data (N = 1270) collected in the context of debates about a social media ban for minors 
under 16 in Switzerland, we find that stronger presumed influences predict support 
for a ban. While we find no support for social validation, the results point to the 
relevance of elite-related perceptions, particularly presumed scientific consensus. 
Perceived social norms of ban support emerge as an additional predictor of regulatory 
preferences.
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Introduction

In many countries, policymakers and the public are currently debating whether social 
media use should be restricted or even banned for children and adolescents under the age 
of 16. These debates are driven by concerns about the negative effects of social media on 
young people, for instance on their mental health. At the same time, the scientific evi-
dence on social media effects remains mixed and does not point to uniformly negative 
outcomes (Odgers and Jensen, 2020; Orben, 2020). This raises the question of whether 
beliefs about media effects shape support for strict regulatory measures and how indi-
viduals validate their beliefs.

The Influence of Presumed Influence (IPI) model (Gunther and Storey, 2003) pro-
vides a useful framework for addressing this question. The IPI model posits that indi-
viduals presume that media have negative effects on others (i.e. presumed influence), 
and that this shapes those individuals’ behavior, including their support for regulatory 
measures (i.e. IPI). Applied to current policy debates, this implies that individuals may 
support restrictions on social media because they believe that children and adolescents 
are negatively influenced. In this respect, presumed influences function as simplified lay 
beliefs about media effects—that is, beliefs held by members of the general public rather 
than elite actors with specific epistemic, political, or communicative roles—that may 
operate independently of scientific evidence.

In parallel, various research traditions emphasize that people are inherently social 
beings, who orient their beliefs, opinions, and behaviors toward others (Cialdini et al., 
1990; Noelle-Neumann and Petersen, 2004). This suggests that individuals may not only 
rely on their own beliefs about media’s presumed influence but also take into account 
how widely they believe such beliefs are shared in their social environment. In the con-
text of debates over social media bans, individuals may therefore not only ask whether 
social media is harmful, but also whether others believe it is harmful—and how wide-
spread such beliefs are. These perceptions may, in turn, reinforce or weaken the extent to 
which personal media beliefs translate into support for regulation.

Building on this insight, this study proposes a theoretical extension to the IPI 
model drawing on social norms theory (Cialdini et al., 1990; Rimal and Real, 2005). 
It introduces the concept of second-order presumed influences, defined as individu-
als’ perceptions of others’ media-effect beliefs. We argue that such perceptions can 
serve as a mechanism of social validation: when individuals perceive that their beliefs 
about media effects are widely shared, they may regard these beliefs as valid, thereby 
strengthening their impact on policy preferences. Validation, however, may not only 
occur through perceptions of other laypeople (e.g. the general public or peers), but 
also through perceptions of elite actors—actors who occupy positions of societal 
prominence in public life. Accordingly, elite-based validation refers to validation 
through perceived beliefs of socially prominent actors occupying epistemic, political, 
or communicative roles, such as scientists, politicians, or the media. This distinction 
thus contrasts rather horizontal validation through social environments with rather 
vertical validation through elite actors.

We examine these propositions in the context of the ongoing debate over social 
media bans for children and young adolescents under 16 in Switzerland. In Switzerland, 
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concerns about the effects of social media on young people have become increasingly 
prominent in public and political debate. Similar to discussions in countries such as 
Australia and several European states, proposals for age-based restrictions and social 
media bans have been discussed as potential policy responses. While IPI has been 
applied to other regulatory domains, its relevance in the current policy discussion has 
yet to be examined. The present study, first, aims to advance IPI theory by integrating 
the concept of second-order presumed influences and two validation mechanisms: 
social and elite-based validation. Second, it aims to examine how presumed media 
influences and these validation mechanisms contribute to understanding support for a 
social media ban for children and young adolescents under 16. To this end, we use 
original survey data, collected as part of a broader research project on public support 
for social media regulation.

Influence of presumed media influence model

The IPI model encompasses two major propositions. First, individuals perceive media 
effects on others (i.e. presumed influence); second, people react to that perception (i.e. 
IPI; Gunther and Storey, 2003). The first proposition is often referred to as the perceptual 
proposition, while the second represents the behavioral component. In the IPI frame-
work, presumed media influences are not evidence-based risk assessments weighing 
potential harms or benefits and their likelihood of occurring. Instead, they function as 
simplified lay beliefs about media effects (Cho et al., 2021). As subjective perceptions, 
they can guide behavior even under conditions of scientific uncertainty.

Derived from the third-person effect hypothesis (Davison, 1983), the IPI model is less 
restrictive in its perceptual proposition: Unlike the third-person effect hypothesis, IPI 
does not involve a perceptual self-other discrepancy and solely focuses on presumed 
effects on others (and not on oneself; Dohle and Bernhard, 2016; Gunther and Storey, 
2003). As such, IPI explains public demands for media regulation: individuals need not 
believe they themselves are influenced; rather, the presumption that others are affected 
can motivate them to support regulatory measures.

Consistent with this logic, a substantial body of prior research has applied the third-
person effect hypothesis and IPI logic in various contexts, including politicians evaluat-
ing media effects on the general public (Cohen et al., 2008; Dohle and Bernhard, 2014), 
scientists presuming media influence on journalists (Tsfati et al., 2011), and, most rele-
vant here, parents presuming media effects on children and translating these beliefs into 
mediation or regulatory demands (Hoffner and Buchanan, 2002; Moss and Waddell, 
2025; Shin and Huh, 2011).

The IPI framework has been particularly useful for explaining parental demands for 
media regulation. Because parents and other adult guardians see themselves as responsi-
ble guardians of their children’s media use and well-being (Livingstone and Helsper, 
2008), presumed media influence on children translates into heightened motivation for 
protection and regulatory demands. Empirical studies have documented this mechanism 
across a range of domains, including regulation of television violence (Hoffner and 
Buchanan, 2002), streaming platforms (Moss and Waddell, 2025), and telecommunica-
tions fraud (Chen et al., 2022).
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Reviews of the IPI and the third-person effect hypotheses (McLeod et  al., 2017; 
Perloff and Shen, 2023) reveal that research has strongly focused on the perceptual prop-
osition. Less attention has been given to understanding the conditions under which these 
presumed influences translate into behaviors and, specifically, the role of social percep-
tions in this regard. We address this gap by introducing the concept of second-order 
presumed influence and the mechanism of social validation, drawing on social norms 
theory (Cialdini, 2001; Rimal and Real, 2005). To assess whether social validation oper-
ates independently of elite-based belief cues, we additionally consider elite actors as an 
alternative source of second-order presumed influences.

The extension: Social and elite-based validation in IPI 
model

Theoretical roots: Social norms theory

Social norms theory aligns with IPI in emphasizing that individuals orient their atti-
tudes and behaviors toward social perceptions, that is, perceptions of others. Theories 
such as the focus theory of normative conduct (Cialdini, 2001) and the theory of nor-
mative social behavior (Rimal and Real, 2005) propose that individual behavior is 
shaped by perceived descriptive norms (perceptions of the prevalence of behavior) 
and perceived injunctive norms (perceptions of the social approval of behavior) 
within a reference group. Descriptive norms guide behavior through individuals’ 
motivation to act appropriately or correctly, whereas injunctive norms operate through 
the motivation to gain social acceptance (Cialdini et al., 1990; Rimal and Real, 2005). 
Research has shown that perceptions of social norms guide individual behavior across 
different domains (Manning, 2009).

The concept: Second-order presumed influences

Building on the social-perceptual logic underlying both IPI and social norms theory, we 
introduce the concept of second-order presumed influences, defined as individuals’ per-
ceptions of others’ beliefs regarding media effects. This concept draws on the notion of 
perceived descriptive norms from social norms research and the idea that perceived prev-
alence is important social information (Cialdini, 2001). However, whereas descriptive 
norms concern perceived behavioral prevalence, second-order presumed influences con-
cern the prevalence of media-effect beliefs (i.e. how widespread beliefs about media 
effects are). They thus conceptually remain within the IPI framework but extend its logic 
to perceptions of the distribution of such beliefs within one’s social environment, encom-
passing both distal groups such as the general public as well as more proximal groups 
such as peers. In doing so, we extend IPI from first-order presumed influences (beliefs 
about media’s effects on others) to second-order presumed influences (beliefs about how 
widely such effect beliefs are shared), while keeping the focus on media-related cogni-
tions rather than behavioral norms.
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The mechanism: Social validation

The central proposition of this study is that when individuals perceive their own beliefs 
about media effects as widely shared by relevant others, this perceived consensus can 
reinforce the impact of personal media-effect beliefs. Individuals may interpret widely 
shared beliefs about media effects as cues for the correctness and social acceptability of 
their own presumed influences, consistent with research on social norms (Cialdini et al., 
1990). We refer to this mechanism as social validation. In the context of IPI, this social 
validation operates at the level of media-related beliefs: alignment between one’s own 
presumed influence and perceived second-order presumed influences strengthens its 
translation into regulatory attitudes. Thus, IPI provides the belief content (presumed 
media effects), whereas social norms theory complements IPI by specifying the mecha-
nism through which these beliefs become socially validated.

Alternative mechanism: Elite-based validation

While the primary focus lies on social validation through social contexts, this study also 
develops elite-based validation as a distinct mechanism. Because epistemic elites (scien-
tists), political elites (politicians), and communicative elites (the media) occupy posi-
tions of societal prominence and play central roles in shaping public debate, they may 
serve as influential reference points for validating individuals’ media-effect beliefs. In 
line with research on motivated reasoning (Bayes and Druckman, 2021; Kunda, 1990), 
individuals may look to elite actors to justify their presumed media influence and the 
associated policy preference. Importantly, elite actors differ from social reference groups 
in the type of validation cues they provide: whereas social validation is based on a rather 
horizontal orientation toward perceived peer beliefs, elite-based validation reflects a 
rather vertical orientation toward actors perceived as authoritative or influential. We 
therefore include elite actors as an additional source of second-order presumed influ-
ences to assess whether the proposed social validation mechanism operates indepen-
dently of elite-related belief cues.

Hypotheses

Building on the core assumptions of the IPI model and its extension through belief vali-
dation, we derive the following hypotheses. The hypotheses and research questions are 
displayed in Figure 1; they have been preregistered on OSF: https://osf.io/nuc6r.

Hypotheses 1: IPI

The first set of hypotheses applies the core assumptions of the IPI to the context of a 
potential social media ban for children and young adolescents under the age of 16. From 
an IPI perspective, presumed media influences function as simplified lay beliefs about 
the societal consequences of media exposure, which individuals use to evaluate whether 
regulatory intervention is warranted, particularly under conditions of scientific uncer-
tainty. We thus hypothesize:

https://osf.io/nuc6r
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H1a: The stronger individuals presume negative influences of social media to be on 
children and adolescents under 16, the more they support a social media ban.

IPI research and third-person work have shown that parents are a key group in regula-
tory contexts, as they are particularly likely to react to presumed media influences on 
children by supporting regulation. While both parents and non-parents may rely on pre-
sumed influences when forming policy preferences, the translation of these beliefs into 
support for regulation may be more pronounced among parents due to their greater sense 
of responsibility and proximity to the affected group. Parental status thus functions as a 
boundary condition of the IPI process; we hypothesize:

H1b: Among parents (compared to non-parents), the influence of presumed negative 
influences of social media on children and adolescents under 16 is stronger.

Hypotheses 2: Social validation mechanism

The second set of hypotheses introduces the concept of second-order presumed influence 
and the mechanism of social validation. Building on this mechanism, we expect that 
perceived consensus strengthens the association between presumed influences and sup-
port for regulation and hypothesize:

H2a: The more individuals believe that presumed negative influences of social media 
are widely held in the population, the stronger the association between their own pre-
sumed negative influences and support for a social media ban.

We further propose that, for parents, the most relevant beliefs may be those held by 
other parents, as they share common concerns and experiences. Accordingly, we suggest 

Figure 1.  Theoretical model: Social and elite-based validation in the influence of presumed 
media influence model.
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that for parents, second-order presumed influence of parents functions as particularly 
powerful sources of belief validation and hypothesize:

H2b: Among parents (compared to non-parents), the more widely they believe that 
presumed negative influences of social media are held by other parents, the stronger 
the association between their own presumed negative influences and support for a 
social media ban.

Research question 1: Elite-based validation

To examine elite-based validation as an alternative mechanism, we consider whether 
perceived consensus among scientists, politicians, and the media moderates the associa-
tion between personal presumed influences and ban support. Doing so allows us to assess 
whether social validation holds beyond the influence of elite cues, and whether elite-
based second-order presumed influences contribute independently to the explanation of 
ban support.

RQ1: To what extent is the association between individuals’ own presumed influ-
ences and their support for a social media ban moderated by their beliefs about how 
widely negative influences are presumed among (a) scientists, (b) politicians, and (c) 
the media?

Research question 2: Normative influence

It is important to distinguish second-order presumed influences from perceived social 
norms and thereby differentiate between belief validation and social influence on behav-
ior. While second-order presumed influences may validate personal beliefs, perceived 
social norms may reinforce support for restrictive measures. To disentangle these mecha-
nisms, we additionally account for perceived norms of support for a social media ban.

RQ2: To what extent do perceived norms of support for a social media ban contribute 
to the explanation of individuals’ support for a social media ban, beyond perceived 
media beliefs of others?

Methods

We used original survey data from a broader research project investigating public sup-
port for various forms of social media regulation in Switzerland. According to the uni-
versity’s ethics self-assessment procedure, the study was exempt from full ethics review 
because it used anonymous survey data, posed minimal risk to participants, and did not 
collect sensitive personal information. The survey was programmed using SoSci Survey, 
free software for survey design and administration. For data collection, we contracted 
with the social and market research company Intervista, which adheres to the ethics and 
guidance code of the European Society for Opinion and Marketing Research. Data col-
lection was conducted between June 18 and July 1, 2025. Members of the research panel 
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were invited via email to participate in this survey in exchange for 20 bonus points 
(equivalent to 2 CHF). Prior to beginning the survey, participants were required to pro-
vide informed consent. On average, participants took 12.15 minutes to complete the sur-
vey (Standard deviation (SD) = 4.25). The study design, measures, and analysis strategy 
have been preregistered on OSF: https://osf.io/nuc6r.

Sampling

Participants were recruited from the online panel of the research company Intervista. The 
sampling strategy was designed to produce two subsamples: a main sample of 1000 
respondents, drawn from the general population and stratified by age and gender (inter-
locked) as well as education to approximate population distribution for the German-
speaking part of Switzerland, and a boost sample of 200 parents, recruited specifically to 
ensure sufficient representation of parents of children aged 9 to 16 years.

After data collection, the quota-based main sample comprised 1353 respondents and 
280 respondents in the boost sample. As part of a data cleansing process, cases were 
removed if participants did not complete the survey or completed it in less than 4 min-
utes. This resulted in 1058 participants in the main sample and 212 participants in the 
boost sample, yielding an overall sample of N = 1270.

Table 1 displays the characteristics of the overall sample, which combines the quota-
based main sample and the parent boost sample. The sample included 33.2% parents with 
at least one child under the age of 16. The participants’ age ranged from 18 to 79 years 
(M = 47.9, SD = 16), and half of the sample was female (49%). The sample included peo-
ple with varying education levels, with 43% recoded as higher-educated (university or 
higher vocational education), 43% as medium-educated (upper secondary, vocational or 
middle school), and 14% recoded as lower educated (10th year or less). On average, 
respondents indicated to be neither particularly left nor particularly right in their political 
orientation (M = 4.00, SD = 1.50). The quota-based main sample was designed to approxi-
mate population distributions on key demographics (i.e. age, gender, and education), and 
the parent boost sample was included to enable subgroup analyses; accordingly, the over-
all sample is not (and was not intended to be) population-representative. Descriptive sta-
tistics for the quota-based main sample are reported in Appendix A, Table A1.

Measures

All questions and items were presented in German and translated into English for this 
article.

Ban support.  Support for a social media ban was measured by asking respondents 
whether they would vote for or against a general ban on social media use for individuals 
under 16 years of age, regardless of their voting eligibility in Switzerland. Responses 
were measured on a 4-point scale including 1 (clearly against), 2 (rather against), 3 
(rather in favor), 4 (clearly in favor), with an additional “don’t know” option (M = 2.73, 
SD = 0.95, n = 1227).

https://osf.io/nuc6r
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Presumed influence.  To assess the presumed influence of social media on young people, 
respondents were asked how they evaluate the influence of social media on children 
and adolescents under 16. Answers were recorded on a fully labeled, bipolar 7-point 
scale ranging from 1 (strongly negative) to 7 (strongly positive), with 4 indicating no 
influence. In addition, respondents could choose “don’t know” or “both positive and 
negative.” As the present study was interested in the correlations of negative presumed 
influence with ban support, we recoded the original scale into three variables. The 
central variable for hypothesis testing was negative presumed influence (negative PI), 
coded as a quasi-metric variable ranging from 0 (no negative influence) to 3 (strong 
negative influence). The value 0 included cases in which respondents reported positive 
influence or both positive and negative influences (M = 1.73, SD = 1.10, n = 1266). To 
account for these cases in the analysis, two additional variables were created. Positive 
presumed influence (positive PI) was coded as a binary indicator (1 = positive influ-
ence, 0 = negative or both influences), identifying respondents who perceived positive 
media influence (n = 93). Ambivalent presumed influence (ambivalent PI) was likewise 
coded as a binary indicator (1 = both positive and negative influences, 0 = negative or 
positive influences), capturing respondents who reported to perceive both positive and 
negative influences (n = 187). Don’t know and missing responses were treated as miss-
ing values in all three variables. This recoding was not preregistered. However, because 

Table 1.  Characteristics of the overall sample.

Variables n % M SD N

Parenthood 1270
  No (non-parents) 848 66.8  
  Yes (parents of children under 16 years) 422 33.2  
Age 47.9 16.0 1270
Gender 1270
  Female 618 48.7 613  
  Male 645 50.8 548  
  Other 7 0.6 2  
Education
  Lower: No school qualification 8 0.6 1270
  Lower: Primary school 57 4.5  
  Lower: Lower secondary school 74 5.8  
  Lower:10th year / Pre-apprenticeship 38 3.0  
  Medium: Middle / Specialized school 35 2.8  
  Medium: Apprenticeship / Vocational school 422 33.2  
  Medium: General baccalaureate / Upper secondary 86 6.8  
  Higher: Higher vocational education 251 19.8  
  Higher: University / University of applied sciences 299 23.5  
Political orientation (1 = left, 7 = right) 4.00 1.50 1114

Note. The overall sample (N = 1270) encompasses the quota-based main sample (n = 1058) and the boost 
sample (n = 212).
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the original bipolar scale does not distinguish negative from positive or ambivalent 
perceptions, we did this recoding to better reflect conceptually meaningful groups for 
analysis. In the analysis, we ran a robustness check to assess whether the recoding 
produced comparable results as the original scale (Appendix A, Table A2). To this end, 
the original 7-point bipolar scale was treated as a continuous predictor but coded 
reversely so that higher values represent negative influence (1 = strongly positive to 
7 = strongly negative). “Don’t know,” “both positive and negative,” and missing 
responses were treated as missing values.

Second-order presumed influences.  Second-order presumed influences capture respond-
ents’ beliefs about how widely others believe that social media has negative effects on 
children and adolescents. To assess second-order presumed influences by relevant oth-
ers, participants estimated on a slider from 0% to 100% the percentage of (1) the general 
population (M = 68.2, SD = 16.4, n = 1230) and (2) parents of children under 16 that 
believe social media has a negative influence on children and adolescents (M = 68.1, 
SD = 19.9, n = 1230). In addition, participants made this assessment for elite actors, that 
is, scientists (M = 69.4, SD = 21.1, n = 1181), politicians (M = 61.1, SD = 12.2, n = 1169), 
and the media (M = 51.8, SD = 23.3, n = 1166). A “don’t know” option was available for 
each item.

Perceived social norms of ban support.  Perceived social norms capture respondents’ beliefs 
about how widely others support a social media ban. Perceived social norms of ban sup-
port were measured in parallel to perceived media beliefs: On a slider from 0% to 100%, 
participants estimated what percentage of (1) the general population (M = 49.6, SD = 18.4, 
n = 1225) and (2) parents (M = 55.2, SD = 21.1, n = 1209) would vote in favor of such a 
ban. Again, a “don’t know” option was available.

Parenthood.  Parental status was measured with a question asking whether respondents 
are parents or legal guardians of at least one person under the age of 16. Responses were 
coded as yes = 1 and no = 0 (see Table 1). We additionally estimated key models using a 
stricter definition of parenthood (having at least one child aged 9–16, based on the boost 
sample). This sensitivity analysis was not part of the preregistered analysis plan but was 
conducted to examine whether results differ for parents of children in the most directly 
affected age range. Results are reported in Appendix A, Table A3.

Controls.  Several demographic variables were included as controls (see Table 1): age 
(measured as a continuous metric variable), gender (recoded as female with 1 = female 
or other, 0 = male), education (recoded as higher education with 1 = higher education, 
0 = medium and lower education), political orientation (coded as left-right with 1 = left 
to 7 = right).

Analysis strategy

To test the hypotheses and answer the research questions, we conducted hierarchical 
regression analyses. The sample for the regression analyses consists of the main 
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sample plus the boost sample (N = 1270). The dependent variable in all models is ban 
support, that is, support for a social media ban for individuals under the age of 16. To 
test H1a on the effects of presumed influence of social media, we ran a regression 
with the presumed influences of social media (negative PI, positive PI, and ambiva-
lent PI), parental status, and the controls (age, female, higher education, left-right; 
Table 2). In a second step, we added an interaction term between the negative PI and 
parenthood to assess whether presumed influences are more strongly correlated with 
ban support among parents (H1b).

To test H2a on the social validation of beliefs, we included interaction terms between 
own negative PI of social media and the second-order presumed influences by the popu-
lation and parents (Table 3). As a next step, we added a three-way interaction between 
parenthood, personal presumed influence, and the second-order presumed influence by 
other parents to assess whether the interaction effect differs between parents and non-
parents (H2b).

To answer RQ1 and assess the importance of elite actors, we ran three separate 
models in which the negative PI was interacted, one at a time, with the second-order 
presumed influences by a) scientists, b) politicians, and c) the media (Table 4). To 
address RQ2 and assess the role of perceived social norms, we estimated a final 
model that included both perceived social norms of the overall population and par-
ents (Table 4).

Table 2.  Regression on ban support: Presumed influences (H1).

Variables

Influence of  
Presumed Negative 
Influences (H1a)

Influence of Presumed 
Negative Influences Among 
Parents (H1a)

β SE p β SE p

Intercept 0.011 0.028 0.703 0.014 0.028 0.630
Negative PI (H1a) 0.550 0.052 <0.001 0.557 0.052 <0.001
Positive PI 0.196 0.040 <0.001 0.197 0.039 <0.001
Ambivalent PI 0.213 0.047 <0.001 0.217 0.047 <0.001
Parenthood (PH) 0.079 0.029 0.006
Negative PI × PH (H1b) 0.048 0.028 0.084
Controls
  Age 0.008 0.028 0.771 0.017 0.028 0.553
  Female 0.001 0.029 0.962 0.001 0.029 0.977
  Higher education −0.009 0.029 0.755 −0.028 0.029 0.336
  Left-right 0.007 0.029 0.804 0.002 0.029 0.958
  Adjusted R2 = 0.126;  

F(7, 1074) = 23.29, p < 0.001; 
n = 1082

Adjusted R2 = 0.132;  
F(9, 1072) = 19.37, p < 0.001; 
n = 1082

Note. Overall sample: N = 1270; β: standardized coefficient; SE: standard error; negative PI: negative 
presumed influence (quasi-metric); positive PI: positive presumed influence (binary); ambivalent PI: both 
positive and negative influences (binary).
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Exploratory analysis

The aforementioned, non-preregistered transformation of the PI scale provided the pos-
sibility to further explore social and elite-based validation mechanisms. In addition to the 
preregistered interactions between personal negative PI and second-order presumed 
influences by the population and parents (H2) as well as elite actors (RQ1), we examined 
whether positive PI and ambivalent PI interacted with perceived negative media beliefs 
of social others and elite actors.

The analysis was conducted in R Statistical Software (R Core Team, 2025); the analy-
sis script is provided on OSF: https://osf.io/vunw7.

Results

Of the respondents, 56% would vote for a general ban on social media use for individuals 
under the age of 16, and 78% presumed negative influences of social media on children 
and adolescents.

Table 3.  Regression on ban support: Social validation (H2).

Variables

Overall population 
analysis (H2a)

Parenthood analysis 
(H2b)

β SE p β SE p

Intercept 0.010 0.029 0.738 0.006 0.029 0.847
Negative PI 0.540 0.053 <0.001 0.554 0.052 <0.001
Positive PI 0.171 0.040 <0.001 0.191 0.041 <0.001
Ambivalent PI 0.203 0.048 <0.001 0.218 0.047 <0.001
Parenthood (PH) 0.063 0.029 0.032 0.062 0.030 0.040
Social validation
  SO-PI population 0.030 0.033 0.355 0.020 0.033 0.535
  SO-PI parents 0.030 0.033 0.359 0.039 0.033 0.241
  Negative PI × SO-PI population (H2a) −0.002 0.027 0.939  
  Negative PI × SO-PI parents × PH (H2b) −0.052 0.029 0.077
  Negative PI × SO-PI parents −0.019 0.029 0.510
  Negative PI × PH 0.038 0.029 0.182
  SO-PI parents × PH 0.091 0.031 0.003
Controls
  Age 0.021 0.029 0.461 0.016 0.032 0.617
  Female −0.002 0.029 0.930 −0.007 0.033 0.834
  Higher education −0.023 0.030 0.443 −0.016 0.034 0.627
  Left-right −0.002 0.029 0.943 0.026 0.033 0.425
  Adjusted R2 = 0.130; 

F(11, 1042) = 15.33, 
p < 0.001; n = 1054

Adjusted R2 = 0.141; 
F(14, 1039) = 13.34, 
p < 0.001; n = 1054

Note. Overall sample: N = 1270; β: standardized coefficient; SE: standard error; negative PI: negative 
presumed influence (quasi-metric); positive PI: positive presumed influence (binary); ambivalent PI: both 
positive and negative influences (binary); SO-PI: second-order presumed influence.

https://osf.io/vunw7
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H1: Influence of presumed influence

H1 proposed that stronger presumed negative influences of social media on under 
16-year-olds would be associated with increased support for a social media ban (H1a), 
particularly among parents (H1b). The regression analysis supported H1a: Greater pre-
sumed negative influence was significantly associated with higher support for a ban 
(Table 2). Notably, both positive PI and ambivalent PI were also positively correlated 
with ban support, though these associations were weaker than that of negative PI. The 
full regression model explained about 13% of the variance in ban support. A robustness 
check using the original 7-point bipolar scale as a single continuous predictor yielded 
similar results: stronger presumed negative media influence predicted stronger support 
for a social media ban (β = 0.23, p < 0.001), although the explained variance was smaller 
(Adjusted R2 = 0.05; see Appendix A, Table A2).

Parenthood was positively associated with ban support indicating that parents were 
generally more supportive of a social media ban than non-parents. However, the inter-
action between parenthood and personal presumed negative influences did not reach 
statistical significance at the 5% level (p = 0.084), suggesting that the strength of the 
association did not differ substantially between parents and non-parents. Therefore, 
H1b was not supported. A sensitivity analysis using a stricter definition of parenthood 
(parents of children aged 9–16) yielded a similar overall pattern of associations but 
with slight shifts in statistical significance. The main effect of parenthood no longer 
reached the conventional 5% significance level (p = 0.083), whereas the interaction 
between presumed negative influence and parenthood reached significance (p = 0.049; 
Appendix A, Table A3). This suggests that moderation by parenthood is somewhat 
more pronounced among parents whose children fall into the age range most directly 
targeted by the proposed policy. Accordingly, H1b receives limited support under a 
more narrowly defined parenthood condition.

H2: Social validation

H2 suggested a social validation mechanism: It was expected that believing others also 
perceived negative influences of social media on under 16-year-olds would be associated 
with a stronger relationship between one’s own presumed influences and support for a 
ban (H2a). In addition, H2b posited that, among parents, this association would be espe-
cially strong when the validating entity was other parents.

The results did not support these hypotheses (Table 3). The interaction between per-
sonal presumed negative influences and second-order negative presumed influences 
among the general population was not significant, providing no support for H2a. 
Similarly, among parents, the interaction between their own presumed influences and 
second-order presumed influences by other parents’ beliefs was not significant, indicat-
ing no support for H2b.

However, the analysis did show that, among parents compared to non-parents, believ-
ing that other parents viewed social media as harmful was positively associated with 
support for the ban (additional simple slope analysis: parents: β = 0.17, p < 0.001, 
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non-parents: β = −0.03, p = 0.49). In other words, perceiving a consensus of concern 
among other parents was correlated with stronger ban support.

RQ1: Elite-based validation

RQ1 examined whether the association between individuals’ own beliefs and their sup-
port for a social media ban was moderated by beliefs about how widely negative influ-
ences of social media were presumed among (a) scientists, (b) politicians, and (c) the 
news media. In the interactive sense of validation defined earlier—whereby elite consen-
sus strengthens the belief–support relationship—no significant moderation was observed 
for negative PI. However, two notable main associations emerged, suggesting that elite-
related perceptions can shape ban support independently of personal presumed influ-
ences. First, if individuals assumed a higher share of scientists to view social media as 
harmful, they tended to exhibit stronger support for a ban. In contrast, if individuals 
assumed a greater share of politicians to believe social media to be harmful, individuals’ 
support for a ban decreased.

RQ2: Perceived social norms

RQ2 explored the role of perceived norms of support for a social media ban among the 
overall population and among parents. The results (Table 4) revealed that perceived 
norms were associated with ban support: The more participants perceived that the gen-
eral population and parents favored a ban, the more likely they were themselves to sup-
port such a ban. Adding perceived descriptive norms to the model increased the explained 
variance by approximately 10%. Interestingly, when perceived parental support for the 
ban was included in the model, the belief that parents assumed negative influences 
became negatively associated with support for the ban—despite previously showing no 
significant relationship.

Across all models, age, gender, education, and political orientation were not signifi-
cantly associated with support for a social media ban.

Further results

In addition to the preregistered interactions between negative PI and perceived beliefs of 
the population and parents (H2) as well as of elite actors (RQ1), we also examined 
whether positive PI and ambivalent PI interacted with such perceptions.1 Neither per-
sonal positive nor ambivalent PI interacted with perceived beliefs of the population and 
parents, suggesting that—also in cases of positive or ambivalent presumed influences—
social validation does not occur. However, we did find interactions between ambivalent 
PI and second-order negative presumed influences by scientists and politicians. The 
interaction pattern is similar in both cases (Figures 2 and 3): The higher the perceived 
share of scientists or politicians believing in negative influences, the greater the ban sup-
port among people who perceive both positive and negative influences of social media 
on children and young adolescents.
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Discussion

The present study investigated the role of presumed media influence in the context of a 
social media ban for children and young adolescents in Switzerland. Extending the IPI 
framework, it introduced the concept of second-order presumed influences and proposed 
that individuals may validate their own presumed media influences through these other-
related beliefs when supporting a social media ban. It further examined elite-based vali-
dation as a distinct mechanism, considering whether perceived consensus among 
prominent societal actors shapes the belief–support relationship.

The empirical results are displayed in Figure 4 and reveal three patterns: (1) presumed 
influences—whether negative, positive, or ambivalent—were associated with ban sup-
port; (2) the social validation mechanism was not supported, while elite-related findings 
emerged as a substantive contribution of this study; and (3) perceived social norms were 
strongly associated with ban support. We will discuss these key findings in detail below.

Presumed influences—whether negative, positive, or ambivalent—were 
associated with ban support

Our findings were consistent with the IPI literature (Gunther and Storey, 2003): indi-
viduals who perceived social media as harmful to children and young adolescents 

Figure 2.  Interaction between ambivalent PI and second-order presumed influences by 
scientists.
Interaction plot: slope of presumed influences when (a) perceived share of scientists who presume negative 
influences = −1SD = 49%: b (SE) = 0.36 (0.15), p =0.01; (b) perceived share of scientists who presume nega-
tive influences = 1SD = 90%: b (SE) = 0.77 (0.17), p ⩽ 0.001.
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Figure 3.  Interaction between ambivalent PI and second-order presumed influences by 
politicians.
Interaction plot: slope of presumed influences when a) perceived share of politicians who presume negative 
influences = −1SD = 39%: β (SE) = 0.36 (0.17), p = 0.030; (b) perceived share of politicians who presume nega-
tive influences = 1SD = 82%: β (SE) = 0.71 (0.15), p ⩽ 0.001.

Figure 4.  Empirical Findings: Social and Elite-Based Validation in the Influence of Presumed 
Media Influence Model.
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were more likely to support a social media ban. Interestingly, positive and ambivalent 
presumed influences were positively (though weakly) associated with ban support as 
well. This suggests that perceiving social media as consequential—regardless of 
whether effects are seen as positive or negative—may increase openness to regulatory 
intervention. Moreover, it is also possible that other factors, such as general risk aver-
sion, concern for children’s well-being, or trust in regulation, contribute to ban sup-
port among those who view social media as beneficial. Taken together, the full 
regression model—including negative, positive, and ambivalent presumed influences 
(along with insignificant controls)—explained approximately 13% of the variance in 
ban support. This represents a comparatively substantial share of explained variance, 
as prior IPI research typically reports smaller effects (Baek et al., 2019; Gunther and 
Storey, 2003; Riedl et al., 2022).

Parenthood did not robustly moderate the relationship between presumed influences 
and ban support. Parents, however, were generally more supportive of a ban than non-
parents, suggesting that parenthood primarily shifts baseline support rather than moder-
ating the belief–support relationship. A sensitivity analysis applying a stricter parenthood 
definition—focusing on parents of children in the most directly affected age range (9–
16 years)—produced the same directional pattern of effects but small shifts in statistical 
significance. The interaction between presumed negative media influence and parent-
hood reached conventional significance, while the main effect of parenthood became 
marginal. This indicates that IPI dynamics may become slightly more pronounced when 
parents are directly confronted with their children’s social media use, though effects 
remain modest. These findings point to the need for more nuanced investigations of par-
enthood in IPI research, for example by differentiating parents by children’s develop-
mental stage and parental mediation strategies (see Chen et  al., 2022; Hoffner and 
Buchanan, 2002; Moss and Waddell, 2025).

Finally, it is noteworthy that socio-demographic variables such as age, gender, educa-
tion level, and political orientation were not significant correlates of ban support. This 
suggests that the debate over whether to ban social media is not structured along typical 
societal cleavages but rather depends on other factors—such as personal beliefs about 
media effects and about others as well as attitudes.

The social validation mechanism was not supported; elite-related findings 
emerged as a substantive contribution of this study

The null finding on social validation is the study’s primary confirmatory result with 
respect to the validation hypotheses. Contrary to expectations, individuals do not appear 
to draw on horizontal, perceived peer consensus to validate their media-effect beliefs 
when forming regulatory preferences. At the same time, perceptions related to elite 
actors—particularly scientists—were associated with support for regulation and, in 
exploratory analyses, interacted with ambivalent presumed influences. This pattern sug-
gests that the locus of validation in this domain is vertical rather than horizontal: indi-
viduals look upward to prominent epistemic actors rather than sideways to peers or the 
general public. This suggests that social media’s impact on young users might be viewed 
not as a matter of everyday lay judgment, but as one requiring expert knowledge. 
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Considering the technical and developmental complexities of the issue and related scien-
tific discussions (Goodyear et al., 2025), this seems reasonable.

Specifically, in cases of uncertainty, the belief that scientists or politicians widely 
agreed on the harmful effects of social media strengthened the associations between an 
individual’s own presumed influence and support for a social media ban. We found this 
in the case of perceived ambivalent presumed influences, that is, for people who simul-
taneously believed in both positive and negative influences of social media. Under 
uncertainty, authorities appear to serve as epistemic anchors, guiding individuals 
toward behavioral conclusions. This pattern might be explained by motivated reason-
ing (Kunda, 1990) and related research in science communication (Bayes and 
Druckman, 2021). Motivated reasoning refers to goal-directed reasoning. In the case 
of scientific and policy issues, like the social media ban, individuals might wish to 
align their beliefs with those of scientists and politicians (Pasek, 2018). In the present 
study, perceived scientific and political consensus may have reduced the ambivalence 
in media beliefs, attenuated the negative influences, and thereby strengthened the asso-
ciation between presumed influences of social media and support for a ban. Importantly, 
however, perceived consensus does not need to mirror actual consensus within the 
scientific community. Current research does not suggest a uniform belief of scientists 
in the harmfulness of social media; thus, factors such as selective exposure (Knobloch-
Westerwick, 2004) or cognitive biases (Oswald and Grosjean, 2004) may also shape 
personal beliefs about elite actors. We nonetheless describe this mechanism as valida-
tion because it represents a positive alignment between individuals’ presumed influ-
ences and their second-order presumed influences by elite actors—even if such 
alignment is subjective rather than objective.

While the moderation analyses speak to conditions under which elite consensus 
shapes the belief–behavior link, the main effect analyses reveal a further layer of com-
plexity. Perceived scientific consensus was positively associated with support for a social 
media ban; in contrast, perceived political consensus was negatively associated with it. 
The latter may suggest public distrust in political motives: When people perceive con-
sensus among political elites, they may interpret it not as a sign of legitimacy, but as an 
indication of politicization or strategic intent. Although causal direction cannot be estab-
lished here, the pattern is consistent with findings showing that perceived political coor-
dination can provoke a boomerang effect in science communication, that is, reactance or 
motivated counter-arguing (Hart and Nisbet, 2012). This divergence suggests that indi-
viduals differentiate between types of elite cues, potentially interpreting scientific con-
sensus as a signal of epistemic credibility while viewing political consensus more 
skeptically. These findings underscore the importance of distinguishing between differ-
ent elites as sources of second-order presumed influences, as their effects on public opin-
ion are neither uniform nor interchangeable.

Perceived social norms were an important correlate of support for the 
ban

While second-order presumed influences by relevant others—that is, beliefs about oth-
ers’ media-effect beliefs—were not significant, the findings still underline the 
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importance of the social context, but at the level of perceived behavioral norms rather 
than belief consensus. The more participants perceived that others supported a ban, the 
more likely they were themselves to support it. These perceived norms accounted for 
approximately 10% of the variance in ban support. This aligns with established research 
on social norms (Cialdini et al., 1990), which emphasizes the considerable role of indi-
viduals’ perceptions of what others do and approve of in shaping behavior.

Notably, once perceived parental support for the ban was included in the model, the 
belief that parents assumed negative media influences became negatively associated 
with support for the ban. One possible interpretation is that perceiving strong parental 
concern about social media effects may, for some individuals, trigger skepticism toward 
what they perceive as alarmist or moralizing narratives. Such dynamics are consistent 
with research on psychological reactance to moralizing or persuasive messages (Rains, 
2013) and on public skepticism toward recurring alarmist narratives in media-effects 
debate (Orben, 2020). Because these interpretations cannot be tested with the present 
data, we treat this finding as exploratory and encourage future research to examine these 
dynamics experimentally.

Taken together, the findings highlight a distinction between sources of validation: 
while social belief consensus did not reinforce belief–behavior links, elite-related per-
ceptions—particularly those attributed to scientists—were associated with policy sup-
port and, in some cases of uncertainty, moderated it. Moreover, the distinction between 
belief-level (second-order presumed influences) and behavior-level (perceived norms) 
social influences proved crucial, as behavior-level influences by social norms showed 
more consistent associations with support for regulation.

Theoretical and practical implications

The present study aimed to advance theoretical understanding by identifying conditions 
under which presumed media effects mobilize public support for policy interventions. 
The findings overall reinforce the theoretical robustness of the IPI model. A noteworthy, 
though secondary, result was that all forms of presumed media influence—whether neg-
ative, positive, or ambivalent—were positively associated with support for regulatory 
measures. This highlights the need to employ fine-grained measures of presumed influ-
ence to capture the complexity of individuals’ perceptions.

Contrary to expectations, we found no support for the proposed social validation 
mechanism. This might be due to the scientific nature of the topic: In domains character-
ized by complexity and uncertainty, individuals may rely more on elite sources than on 
social referents. However, second-order presumed influences and social validation could 
play a more prominent role in areas where expertise is less central, and where beliefs are 
more closely tied to everyday reasoning or even skepticism toward scientific consen-
sus—such as conspiratorial thinking or misinformation (Robertson et al., 2022).

The elite-related findings constitute a meaningful theoretical contribution of this study, 
particularly those linked to scientific and political actors. These findings operate on two 
distinct levels. First, perceived elite consensus—especially scientific consensus—was 
directly associated with stronger support for regulation, functioning as an independent 
predictor rather than a belief-validating moderator. Second, in situations of ambivalent 
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personal media-effect beliefs, elite second-order presumed influences did moderate the 
relationship between presumed influence and ban support, consistent with the validation 
logic. Together, these patterns suggest that elite actors function as sources of epistemic 
cues and, under conditions of uncertainty, may also serve as reference points in shaping 
individuals’ policy preferences. More broadly, whether social or rather vertical elite-based 
validation dominates may depend systematically on the issue. Future research should test 
this proposition, examining social and elite-based validation across issue types—for 
instance by contrasting scientifically complex or expert-dependent topics such as social 
media effects with less expert-driven, more morally charged debates that are more closely 
tied to everyday experience. Such comparisons would help clarify the boundary condi-
tions of both validation mechanisms within the IPI framework.

The pattern of results further suggests that individuals do not treat elite cues uni-
formly, but rather differentiate between sources based on their perceived credibility and 
role. While perceived scientific consensus may function as a signal of epistemic author-
ity and evidence-based knowledge, perceived political consensus may have triggered 
skepticism or reactance, possibly because political actors are seen as strategic, polarized, 
or driven by non-epistemic motives. These findings have practical implications for how 
social media regulation is communicated publicly. Emphasizing transparent scientific 
reasoning and acknowledging uncertainty may therefore be more effective than high-
lighting political consensus (Druckman, 2015).

Finally, although we did not find evidence that perceived belief consensus strengthens 
the relationship between presumed media influences and regulatory preferences, our 
findings remain consistent with broader theories emphasizing the fundamentally social 
nature of opinion formation (Noelle-Neumann and Petersen, 2004). While social others 
may not validate beliefs, they still play a role in shaping the behavioral component in the 
IPI framework, that is, the regulatory demand. This reinforces the relevance of social 
norms theories (Cialdini et al., 1990; Rimal and Real, 2005) in general and in the IPI 
framework specifically.

Limitations

The study has some limitations that need to be considered. First, the cross-sectional sur-
vey design limits the ability to draw causal conclusions about the relationships between 
presumed media effects, validation mechanisms, and regulatory support. While the IPI 
posits a directional influence from presumed media influence to behavioral outcomes, it 
might also be plausible that individuals who already support restrictive regulation project 
stronger negative media-effect beliefs to justify their existing stance. Future research 
should employ longitudinal or experimental designs to clarify directionality.

Second, the regulatory scenario presented in the study referred broadly to a potential 
social media ban for children and adolescents under 16. However, different regulation 
scenarios are currently discussed—such as age restrictions or school-based smartphone 
bans— and public support as well as the IPI may vary depending on the specific regula-
tion. A more nuanced operationalization of regulatory measures could yield more pre-
cise insights into the links between presumed influences and support for such 
measures.
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Third, the study focused on intentions to support regulation (e.g. willingness to vote 
for a ban) but did not include behavioral outcome measures, such as petition signing or 
actual voting behavior. Including such measures would strengthen the evidence for how 
presumed media effects translate into political or civic action.

Conclusion

This study contributes to research on the IPI model by introducing second-order pre-
sumed influences and examining two mechanisms through which such perceptions may 
validate media-effect beliefs: social validation and elite-based validation. While prior 
research has emphasized the role of presumed media influences, our findings suggest 
that perceptions of others’ beliefs matter as well. Social validation was not supported, 
whereas elite-related perceptions—particularly those attributed to scientists—proved 
relevant in shaping support for regulation.

More broadly, the findings point to a distinction between social (rather horizontal) 
and elite (rather vertical) sources of validation in the IPI, suggesting that their rele-
vance depends on the nature of the issue. In domains characterized by scientific uncer-
tainty or complexity, such as social media effects and the question of a ban, individuals 
may rely more strongly on elite cues than on perceived peer consensus. Further research 
is needed to clarify the boundary conditions of both validation mechanisms within the 
IPI framework. Taken together, the findings highlight that understanding how indi-
viduals orient their beliefs about media effects toward social and elite reference groups 
is crucial for explaining public support for regulation in contested and uncertain 
domains.
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Note

1.	 The regression models included the same variables as listed in Table 3 (social validation) 
and Table 4 (elite validation): negative, positive, and ambivalent PIs, controls, and SO-PI by 
social referents/ elite authorities, plus the respective interaction terms.
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Table A2.  Robustness check—Regression on ban support: Presumed influences (with bipolar 
coding).

Variables β SE p

Intercept 0.081 0.032 0.011
Original 7-point PI 0.226 0.052 <0.001
Controls
  Age 0.016 0.032 0.609
  Female −0.001 0.033 0.955
  Higher education −0.012 0.032 0.701
  Left-right 0.030 0.021 0.355
  Adjusted R2 = 0.047; F(5, 916) = 10.06, p < 0.001; n = 922

Note. Overall sample: N = 1270; β: standardized coefficient; SE: standard error; Original 7-point PI: original 
bipolar 7-point scale for presumed influence (1 = strongly positive to 7 = strongly negative).

Table A1.  Characteristics of the quota-based main sample.

Variables n % M SD N

Parenthood 1058
  No (non-parents) 848 80.2
  Yes (parents of children under 16 years) 210 19.8
Age 47.8 17.3 1058
Gender 1058
  Female 526 49.7
  Male 525 49.6
  Other 7 0.6
Education
  Lower: No school qualification 8 0.8 1058
  Lower: Primary school 57 5.4
  Lower: Lower secondary school 73 6.9
  Lower:10th year / Pre-apprenticeship 38 3.6
  Medium: Middle / Specialized school 32 3.0
  Medium: Apprenticeship / Vocational school 356 33.6
  Medium: General baccalaureate / Upper secondary 76 7.2
  Higher: Higher vocational education 201 19.0
  Higher: University / University of applied sciences 217 20.5
Political orientation (1 = left, 7 = right) 3.98 1.50 921

Note. Quota-based main sample: n = 1058.

Appendix A
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Table A3.  Sensitivity analysis—Regression on ban support: Presumed influences among 
parents with children aged 9–16.

Variables β SE p

Intercept 0.014 0.028 0.601
Negative PI 0.557 0.052 <0.001
Positive PI 0.197 0.039 <0.001
Ambivalent PI 0.219 0.047 <0.001
Parenthood 9–16 (PH) 0.049 0.029 0.083
Negative PI*PH 0.053 0.027 0.050
Controls
  Age 0.007 0.028 0.791
  Female 0.001 0.029 0.974
  Higher education −0.016 0.029 0.569
  Left-right 0.006 0.029 0.827
  Adjusted R2 = 0.130; F(9, 1072) = 18.87, p < 0.001; n = 1082

Note. Overall sample: N = 1270; β: standardized coefficient; SE: standard error; negative PI: negative 
presumed influence (quasi-metric); positive PI: positive presumed influences (binary); ambivalent PI: both 
positive and negative influences (binary); Parenthood 9–16 = having at least one child aged 9–16.


